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& sk

[Big Datal& (&
+ Buzzword&L TDIBig Data) (F1LEEE 2014)

PILERER. EREVT T 4000 KR AEBPE; 2014,
« 20194, 'Big Data A PubMed®MeSH term|Z
— TABPABEUNDEEDER R GAIEICEEL -/ 72—
>8R B EMEZEBALMMIY HoHC, AEMADLIEL
(FEMEETIE1 R KD MEDEET LGSR
[CKEDT—%1(PubMed)

s EvIT—A2DOH#(3V) (Laney 2001)
— = (Volume)
— R4 (Velocity)
_ g *%'I‘i (Varl ety) Laney D. 3D Data Management: Controlling Data Volume, Velocity, and Variety.
_ TR (Veracity) o s eranson s s

— {fifig (Value) 33; B A 2%
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E &R ENDBig Data

- EE-ER-NEIFOEYI T—21(BEFHEAE 2017)

— B TMER- B ERBEIERT—A—Z (NDB) [ZEBH
SNBERL LI OT S ORERBEOT 5 N1H
BBGE TS R EESABNEL LT DT —5

@g/rnxm. 'Iﬁ*&%@?_g
EEFHBE BROBERERDIOOEYY T—2ERMEICETET—2N L AREHELTE. 2017.
o fthiZ
— EFf#E 4% (Electronic Health Records; EHR)
— National Clinical Database (NCD)
- HRPEREDLIRN)
— BEANLT /INA AP EERET T
— Google. B=F. fit

& uAmx

Big Data&B:ET Sl =

* Real World Data (RWD)

- IR RGIFHIEN S BERICINESN D EE DREBRINE
BrWFELFERDRGICEEL-T—4]

* Real World Evidence (RWE)
~ TRWDD AT A oiFo N OERKGEDERL SUVHBE
R ERYICEET DERRMIET VX ]

(7 A)HEREZERBFood and Drag Administration)

Food and Drug Administration. Use of real-world evidence to
support regulatory decision-making for medical devices:
Guidance for industry and Food and Drug Administration staff.
August 31, 2017 (https://www.fda.gov/media/99447/download).
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2. Guidelines International Network Conference 2019

S R A

55




Guidelines International Network (GIN)
* Founded in November 2002

* G-I-N vision

Trustworthy and accessible guidance for better health.
* G-I-N mission

To lead, strengthen and support collaboration and work

within the guideline development, adaptation and
implementation community.

* GIN Conference held every year

(Guidelines International Network https://g-i-n.net/)
&y wAKE

TRUSTWORTHY EVIDENCE FOR QUESTIONS THAT MATTER G INSTITUTE
The value of guidelines in 21% century healthcare

tocstrost [ soum aenia
30 October - 2 November 2019 - U

JOANNA BRIGGS

— 15t conference

O wmxE
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KBy aDT—<T 2019

* Plenary Session 1 - Clinical Guidelines=i2 21st Century

Healthcare: Extinction or evolution? (¥2:&)

* Plenary Session 2 - Perspectives on real world evidence
and big data: is it trustworthy? (YE k)

— Dr. Nichole Taske - Real world evidence in clinical practice guidelines
— Professor Holger Schiinemann - All evidence is real world evidence
— Professor Steve Webb - Pragmatic research for the real world

— Dr. Blackford Middleton - Toward a Learning Health System: Sharing
Trustworthy Computable Knowledge at Scale

* Plenary Session 3 - Ensuring Recommendations Are
Implementable and Implemented (Z & -E A - ;&)

G mmxx

HEEYIIDT—< 2013

* Plenary 1: Strengthening the link between guidelines and
systematic reviews (£ fX)

. I_D;I?n;;lry 2: Guidelines and performance measures (& -
B i

* Plenary 3: Challenges and solutions for updating
guidelines (E k)

 Plenary 4: Developing implementable guidelines (4Ef&)
* Plenary 5: Successful or new implementation strategies

for guidelines GEA)
&) mAm Ky
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Holger J. Schiinemann: All evidence is real world evidence

Holger J. Schiinemann is chair of the department of health research
methods, evidence, and impact. He is the director of Cochrane Canada
and co-chair of the GRADE working group .....

Ly sy

Holger J. Schinemann: All evidence is real world evidence

 Clinical guidelines are often criticized for not paying
enough attention to “real world evidence” (RWE) such as
big data, patient generated data, data from registries, or
electronic health records.

» Real world evidence is usually thought to more
accurately reflect what happens outside a controlled
research environment.

* In this context, randomised controlled trials (RCTs) can
be dismissed as evidence which does not reflect the real
world.

Schinemann HJ. All evidence is real world evidence. The BMJOpinion; March 29; 2019.
https://blogs.bmj.com/bmj/2019/03/29/holger-j-schunemann-all-evidence-is-real-world-evidence/

W wAKR
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https://blogs.bmj.com/bmj/2019/03/29/holger-j-schunemann-all-evidence-is-real-world-evidence/

Holger J. Schiinemann: All evidence is real world evidence

* However, undue emphasis on real world evidence is
potentially risky for guidelines and beyond.

— RCTHReal Worldh /5N TULNS

— RWELEFEMICER (XBLER) 1HD
- RWEDT—2ELTOHWNIEHTHS
— RWEF#EAEZRD—FTLAGEL

» ...we should stop using the phrase “real world evidence”
in a way that suggests superiority to RCTs, or even
excludes RCTs, and we should be cautious about using
the term real world evidence to deflect conversations
about bias.

Schunemann HJ. All evidence is real world evidence. The BMJOpinion; March 29; 2019.
https://blogs.bmj.com/bmj/2019/03/29/holger-j-schunemann-all-evidence-is-real-world-evidence/

G mmxx

Holger J. Schiinemann: All evidence is real world evidence

» Guideline developers should judge if big data, patient
generated data, or data from registries or electronic
health records can mitigate the key concerns raised
about evidence from RCTs to inform decisions...

* They should then assess the certainty of the evidence,
regardless of its label.

Schinemann HJ. All evidence is real world evidence. The BMJOpinion; March 29; 2019.
https://blogs.bmj.com/bmj/2019/03/29/holger-j-schunemann-all-evidence-is-real-world-evidence/
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https://blogs.bmj.com/bmj/2019/03/29/holger-j-schunemann-all-evidence-is-real-world-evidence/
https://blogs.bmj.com/bmj/2019/03/29/holger-j-schunemann-all-evidence-is-real-world-evidence/
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Systematic Reviews and Clinical Practice Guidelines
Healthcare Decisio i

Click on any text
for more information
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GRADEIng Certainty of Evidence

DownGRADEing UpGRADEiIng Certainty of
Factors Factors Evidence
* Risk of Bias *For NRS
Are the studies poorly
conducted? N OPDD
RCT H } UIID;DtCII\.’ /\> ngh
(Initial: High) o the 65T S’ . _ —
acros ©000
- Moderate
Non 70 the testtts ot really — T @00
Randomized uestion? —% Low
Study (NRS)L\ - _No Plausible
(Initial: Low) |* Imprecision ®000
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* Publication Bias
Are we missing studies, or
have selective studies?
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s BIRTHAUITERIAR I (QR—+ EHIX R - E£TR)
— TR E ID/NATR) A% FHHET 516 DHEA
* ROBINS-I(Sterne 2016)
« Minds (B A EEH T MigEE 2017)

Sterne JA et al. ROBINS-I: a tool for assessing risk of bias in non-randomised studies of interventions. BMJ. 2016;
355:4919.
BAEBEETHEE. MindsB2BH ARSI ER<T=27/02017. BAERBATF@E#EEE,; 2017

o IETURK(TIONALTETIMDLIERR)
— A~DTELM
— GRADE7 ZB—F (Schinemann 2019)
* ROBINS-IZRL\5I5E : #HAFFM (XAl
* ROBINS-1ZFWVEWNEE  #HAETEM (X C
—MindsDBHEDT =T JLIL/ VrTX'JZOE%Wﬂﬁ
L=t T#HEASE@IC |

Schinemann HJ et al. GRADE guidelines: 18. How ROBINS-I and other tools to assess risk of blas in nonrandomized
studies should be used to rate the certainty of a body of evidence. J Clin Epidemiol. 2019;111:105-114.
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