[ NPG.ONC.ONC2011111 ]

AKT, to BIM, to Mcl-1, to Bcl-2, to Bel-x;, to XIAP and to
p110a were obtained from Cell Signaling Technology; those to
phosphorylated ERK and to ERK were from Santa Cruz
Biotechnology (Santa Cruz, CA, USA); those to ¢-IAP1 were
from R&D Systems (Minneapolis, MN, USA); those to HER2
were from Millipore (Billerica, MA, USA); those to survivin
were from Novus (Littleton, CO, USA); and those to B-actin
were from Sigma. All antibodies were used at a 1:1000
dilution, with the exception of those to p-actin (1:200). The
membrane was then washed with phosphate-buffered saline
containing 0.05% Tween 20 before incubation for | h at room
temperature with horseradish peroxidase-conjugated goat
antibodies to rabbit immunoglobulin G (Sigma). Immune
complexes were finally detected with chemiluminescence
reagents (GE Healthcare, Little Chalfont, UK).

Gene silencing

Cells were plated at 50-60% confluence in six-well plates or
25-cm’® flasks and then incubated for 24h before transient
transfection for the indicated times with siRNAs mixed with
the Lipofectamine reagent (Invitrogen). The siRNAs specific
for PIK3CA (PIK3CA-1, 5-UCAACUUCUUCAAGAUG
AA-3; PIK3CA-2, ¥-GUAGAAUGUUUACUACCAA-3),
BIM (BIM-1, ¥-GGAGGGUAUUUUUGAAUAA-3¥; BIM-2,
5-AGGAGGGUAUUUUUGAAUA-3), or survivin (survi-
vin-1, 5-GAAGCAGUUUGAAGAAUUA-3'; survivin-2,
5-AGAAGCAGUUUGAAGAAUU-3) mRNAs as well as
non-specific {control) siRNAs were obtained from Nippon
EGT (Toyama, Japan).

Assay of caspase-3 activity

The activity of caspase-3 in cell lysates was measured with the
use of a CCP32/Caspase-3 Fluometric Protease Assay Kit
(MBL, Woburn, MA, USA). Fluorescence attributable to
cleavage of the Asp-Glu-Val-Asp-7-amino-4-trifluoromethyl
coumarin (DEVD-AFCQC) substrate was measured at excitation
and emission wavelengths of 390 and 460 nm, respectively.
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Growth inhibition assay in vivo

All animal studies were done with the Recommendations for
Handling of Laboratory Animals for biochemical Research
compiled by the Committee on Safety and Ethical Handling
Regulations for Laboratory Animal Experiments, Kinki
University. Cubic fragments of tumor tissue (~2 by 2 by
2mm) formed by HCCI1954 cells were implanted subcuta-
neously into the axilla of 5-6-week-old male athymic nude
mice. When their tumors became palpable, mice were divided
in to four groups and treated with vehicle, BEZ235 alone,
lapatinib alone and the combination of BEZ235 and lapatinib.
Fach treatment group contained six mice, BEZ235 and
lapatinib were administered by oral gavage daily for 14 days;
control animals received a 0.5% (w/v) aqueous solution of
hydroxypropylmethylcellulose as vehicle. Tumor volume was
determined from caliper measurements of tumor length (L)
and width (W) according to the formula LW?/2. Both tumor
size and body weight were measured twice per week.

Statistical analysis

Quantitative data from i vitro experiments are presented as
means ts.¢. from three independent experiments, and were
analyzed with the unpaired two-tailed Student’s r-test. n vivo
data arc presented as means ts.e. from six mice and were
analyzed by the unpaired two-tailed Student’s r-test. A P-value
of <0.05 was considered statistically significant.
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To identify transcriptional profiles predictive of the clinical benefit of cisplatin
and fluorouracil (CF) chemotherapy to gastric cancer patients, endoscopic
biopsy samples from 96 CF-treated metastatic gastric cancer patients were
prospectively collected before therapy and analyzed using high-throughput
transcriptional profiling and array comparative genomic hybridization.
Transcriptional profiling identified 917 genes that are correlated with poor
patient survival after CF at P<0.05 (poor prognosis signature), in which
protein synthesis and DNA replication/recombination/repair functional
categories are enriched. A survival risk predictor was then constructed using
genes, which are included in the poor prognosis signature and are contained
within identified genomic amplicons. The combined expression of three
genes—MYC, EGFR and FGFR2—was an independent predictor for overall
survival of 27 CF-treated patients in the validation set (adjusted P=0.017),
and also for survival of 40 chemotherapy-treated gastric cancer patients in a
published data set (adjusted P =0.026). Thus, combined expression of MYC,
EGFR and FGFR2 is predictive of poor survival in CF-treated metastatic gastric
cancer patients.

The Pharmacogenomics Journal (2010) 0, 000-000. doi:10.1038/tpj.2010.87

Keywords: gastric; cancer; chemotherapy; gene; expression

Introduction

Although the emerging arca of targeted anticancer agents holds great promise,
cytotoxic chemotherapy remains the primary treatment option for many cancer
patients. Identifying patients who likely will or will not benefit from cytotoxic
chemotherapy through the use of biomarkers could greatly improve clinical
management by better defining appropriate treatment options for patients. None
of the molecules experimentally identified Lo cause chemotherapy resistance
in vitro was sufficiently validated in primary tumors and thus clinically
applicable,’ underscoring the importance of well-designed, clinical study to
identify clinically relevant mechanisms for chemotherapy resistance. In fact,
however, such predictors derived to date from high-throughput transcriptional
profiling of primary tumors, especially gastrointestinal tract cancers, have not
shown satisfactory performance.** [t may be prirnarily owing to the high rate of
false-positive discovery in high-throughput data, in addition to the high degree
of genetic variation of individual tumor compared with limited number of
sarnples available for the study.
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To provide insight into clinically relevant mechanisms for
chemotherapy resistance in gastric cancer, we prospectively
collected and analyzed 123 endoscopic biopsy samples
before cisplatin and fluorouracil (CF) chemotherapy from
patients with extended follow-up, using high-throughput
transcriptional profiling and comparative genomic hybridi-
zation (CGH) analyses. We could identify functional
categories enriched in genes correlated with patient out-
come, and develop a genomic predictor that was validated
in two independent data sets.

Materials and methods

Patients

Sample collection, treatment and follow-up were performed
according a protocol approved by the Institutional Review
Board of the National Cancer Center [Hospital in Goyang,
Korea (NCCNHSO1-003). All patients signed an [nstitutional
Review Board-approved informed consent form. Eligibility
for enroliment into the study included the following
parameters: (1) age=18 years; (2) histologically confirmed
gastric adenocarcinoma; (3) clinically documented distant
metastasis; (4) no previous or concomitant malignancies
other than the gastric cancer; (5) no previous history
of chemotherapy, either adjuvant or palliative; and (6)
adequate function of all major organs. Patients who were
lost to follow-up before completing six cycles of chemother-
apy, except for documented progressive disease, were
excluded from this study.

Sample size calculation

Overall survival was the primary clinical end point of this
study. As a minimum of 91 events were estimated to be
required for the number of training set samples® at > = 0.001,
f=0.05, t (standard deviation of log intensity) =0.75 and o
(hazard ratio (HR) associated with one-unit change of
log intensity) =2, we used the 96 samples collected until
January 2005 as the training set for development of the
predictor.

Ninety-six eligible patients who were treated with CF by
one medical oncologist (HK) from August 2001 to January
2005 were used for the expression profiling training set.
A second group of 27 eligible patients was used as the array
validation cohort. Twenty-two patients in the validation
cohort were treated with CF, and five patients were treated
with cisplatin plus oral capecitabine (a fluorouracil pro-drug
considered equivalent to fluorouracil; CX),” by another
group of medical oncologists in the same institution
between I'ebruary 2005 and April 2006. Tissue procurement
and processing were the same for the training and validation
samples.

Treatment

Patients continued therapy indefinitely until they experi-
enced unacceptable toxicities or progressive disease
was documented. Cl-treated patients received cisplatin
60mgm -7 intravenously on day 1 and fluorouracil
1000mgm * intravenously on days 1-5 of a 3-week
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schedule. The treatment schedule for fluorouracil could be
shortened at the discretion of the oncologist to 3 instead of
5 days for elderly patients (=70 years) or patients with poor
performance status (Eastern Cooperative Oncology Group
performance status >2). Chemotherapy doses were reduced
according to toxicities and the patient’s performance status.
Specific dose modification schemes for the subsequent
cycle were left to the discretion of treating oncologist.
Five patients (18.5%) in the validation group received oral
capecitabine (Xeloda; Roche; 1250 mgm 2 twice a day for
2 weeks) instead of intravenous infusion of fluorouracil
Time to progression was measured from the initiation
of chemotherapy to the progressive disease. In patients
without any measurable lesions, time to progression was
measured to the time when a change in therapy was
required because unmeasurable lesions {such as ascites)
unequivocally progressed.

Gene expression and CGH microarray analyses

Tissue samples were collected and processed for RNA and
DNA extraction as described previously,® only if samples
contained at least 50% tumor cells. Affymetrix (Santa Clara,
CA, USA) HG-U133A gene expression microarray data were
analyzed with survival analysis algorithms of BRB-Array-
Tools (version 3.6, National Cancer Institute, http://linus.
nci.nih.gov/BRB-ArrayTools.html).” The survival risk groups
were constructed using a predictive index based on the
supervised principal component method of Bair and
Tibshirani.'" A three-gene predictive index percentile was
generated based on the weighted average of the log
intensities of the three genes (FGFR2 (211401_s_at), EGFR
(210984_x_at) and c-MYC (202431_s_at)), using a propor-
tional hazards regression on the first two principal compo-
nents of the log intensities of those three genes, in which a
high value of the predictive index corresponds to a high risk
of death. If the predictive index of a sample in the validation
set corresponded to the median predictive index of the
training set, the sample was assigned a 50% predictive
index. We specified the number of risk groups as 2 (high and
low) and the predictive index percentile for defining the two
risk groups as 67%, using a 67.1% rate of clinical benefit
(partial response and stable disease) and 32.9% rate of
progressive disease in the training set, We also performed
Cox regression analyses using this three-gene predictive
index percentile as a continuous variable, in which HRs for
survival were calculated according to each percentile
increase in three-gene predictive index percentile (from 0
to 100%). Array CGH data were generated using Agilent
(Santa Clara, CA, USA) 4 x 44k HD-CGH Microarrays and
analyzed using CGH Analytics software (version 3.5.14).
Aberrations with average tumor/normal log, ratio >2.0
were defined as amplifications. Experimental details are
provided in Supplementary Materials and Methods.

Analyses of published DNA microarray data

The entire set of published Affymetrix U133 Plus 2.0 DNA
microarray data® (1= 40) was combined with our training
set data (11==96), using common probe set [Ds. MASS data of



the combined data set were log, transformed, normalized
using the median over the entire arrays and analyzed
for survival risk prediction using BRB-Arraylools 3.6, as
described above.

Publicly accessible microarray data for surgically treated
gastric cancer patients generated by the Stanford Functional
Genomics Facility were obtained from the NCBI GEO
database (GSFE4007) and included about 30300 genes
common to these data sets. The microarray data were
generated and normalized as described in Leung et al'!
Batch effects in gene expression were removed with probe-
wise mean cenlering and missing data were imputed wilh
the nearest-neighbor averaging method.'? The array cDNA
clones were annotated using SOURCE (Stanford Microarray
Database) and the Entrez GenelD) was used as the mapping
identifier for the Affymetrix HG-U133A array. A combined
data set of our training set data (n=96) and GSE4007
data (1= 288) was analyzed for survival risk prediction using
BRB-ArrayTools 3.6 as described above.

Results

Genes correlated with poor survival after CF therapy

As primary gastric cancer lesions cannot be reliably mea-
sured by diagnostic imaging, patient survival, not radio-
graphic response, was used as the primary clinical covariate
to which gene expression was correlated to identify a
predictor of response to CF therapy. To define a gene
expression signature that correlates with overall survival, we
used expression array data of 96 pretreatment biopsy
samples as the training set to develop a predictor. Ninety-
five out of 96 patients (99%) in the training set cohort died
with follow-up for one survivor at 38.9 months. None of
the clinicopathological or treatment factors listed in Table 1,
including second-line chemotherapy, were significantly
correlated with survival time of the patients in the
training set.

To identify a transcriptional profile related to clinical
benefit from CF therapy, the survival times of patients in the
array training set were correlated with the mRNA expression
levels measured by microarray. One thousand five hundred
and sixty-five genes were significantly correlated with the
overall survival of the 96 patients (P-value <0.05). Among
them, 917 genes had an HR higher than 1 (poor prognosis
signature) and 648 genes had an HR lower than 1 (good
prognosis signaturc). We performed gene ontology analyses
on this ‘poor prognosis signature’ using Ingenuity Pathway
Analysis (www.ingenuity.com). The role of BRCAT in DNA
damage response (BRCAZ2, E2FS, FANCE, MSH2, NBN,
PLK1, RFC, SMARCA4, SLC19A1), nucleotide excision repair
(ERCC2, POLR2C;, POLOR2], RAD23A, RAD23B) and estrogen
receptor signaling were highly represented canonical path-
ways. Many of these poor prognosis signature genes belonging
to these three pathways are previously linked to in vitro
cisplatin resistance.'* '* Overexpression of ERCC2 (P = 0.007
in our data) is associated with cisplatin resistance in lung
cancer cell lines.'® Silencing of hHR23A (2 =0.022 in our

102

Three-gene predictive signature for gastrlc cancer chemotherapy

HeKimeto! I .
3
Table 1 Clinicopathological characteristics of patients
Training Validation
set set

=) fn=2d)

Baseline clinicopathological characteristic
Age, no. (%)

<70 years 90 (93.8%) 25 (92.6%)

=70 years 6 (6.2%) 2 (7.4%)
Sex, no. (%)

Male 73 (76.0%) 23 (85.2%)

Female 23 (24.0%) 4 (14.8%)
PS, no. (%)

ECOGPSOQorl 91 (94.8%) 25 (92.6%)

ECOGPS2or3 5 (5.2%) 2 (7.4%)
Histological type, no. (%)

Lauren’s intestinal 40 (41.7%) 9 (33.3%)

Lauren’s diffuse
Location of primary lesion, no. (%)

56 (58.3%) 18 (66.6%)

Upper 1/3 14 (14.6%) 2 (7.4%)
Middle 1/3 28 (29.2%) 10 (37.0%)
Lower 1/3 49 (51.0%) 15 (55.6%)
Entire stomach 5(5.2%) 0
Distant metastasis, no. (%) 96 (100%) 27 (100%)

Tumor cell percentage in sample (%)
Median 60 70

Interquartile range 50-70 55-80
Treatment and outcome
Chemotherapy regimen, no. (%)
Cisplatin/fluorouracil 96 (100%) 22 (81.5%)
Cisplatin/capecitabine 0 (0%) 5 (18.5%)
Relative dose intensity (%}
Median 79 81
Interquartile range 73-88 72-87
Number of chemotherapy cycles
Median 4 7
Interquartile range 3-9 5-13

Response (WHO criteria), no. (%)
PR

38 (44.7%) 12 (48.0%)

sD 19 (22.4%) 9 (36.0%)
PD 28 (32.9%) 4 (16.0%)
Non-measurable disease " 2

Second-line chematherapy, no. (%) 69 (71.9%) 19 (70.4%)

Median follow-up for survivors 39.4 30.4
(months)
Overall survival (months)
Median 8.1 12.6
Interquartile range 5.6-15.9 7.4-30.4

Time to progression (months)
Median 3.9 6.3
Interquartile range 2.2-8.3 3.9-146

Abbreviations: ECOG, Eastern Cooperative Oncology Group; PD, progressive
disease; PR, partial response; PS, performance status; SD, stable disease; WHO,
World Health Organization,

data) decreases the nuclear DRPI level and cisplatin
resistance in lung adenocarcinoma cells.'* Fanconi
anemia-BRCA pathway is reported in cisplatin-sensitive
ovarian tumors.'® Thus, this gene ontology analysis sup-
ports the clinical relevance of these DNA repair canonical
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pathways, which were shown to be associated with in vitro
cisplatin resistance.

Infinitesimal perturbation analysis functional categories
enriched in poor prognosis signature were: protein synth-
esis, DNA replication/recombination/repair and cancer
(Supplementary Table 2). The protein synthesis category
includes ribosomal subunit mRNAs (RPL13, RPL18, RPL24,
RPL30, RPL38, RPLS, RPL7, RPL7A, RPLS, RPS2, RPSS) and
eukaryotic translation initiation factors (EIFI, EIF2B2,
EIF2B4, EIF2S1, EIF3B, EIF3C, EIF3D, EIF3E, EIF3F, EIF3H,
EIF3I, EIF4A1, EIF4A3, EIF4B, EIF4EBP1, EIFS, EIFSB). This
result suggests that the most prominent feature of poor
prognosis signature is increased protein synthesis, presum-
ably resulting from activation of oncogenes, such as EGFR,
FGFR2 and MYC (Supplementary Table 2). MYC-induced
transcriptional activation of protein synthesis-related genes
is previously shown by a microarray report that the majority
of genes responsive to MYC overexpression are involved in
macromolecular synthesis, protein turnover and metabo-
lism, including 30 ribosomal protein genes.'®

[nfinitesimal perturbation analysis canonical pathways
enriched in 648 genes in good prognosis signature were
antigen presentation pathway, B-cell development and
interleukin-15 production. Enriched functional categories
were gastrointestinal disease, inflammatory disease and
genetic disorder.

Development of the three-gene predictor

Although such a gene ontology analysis of the whole
signature provides some insight into clinically relevant
mechanisms for chemotherapy resistance, this large number
of genes is not readily amenable to clinical application.
Therefore, we wished to narrow down 917 genes in the
whole poor prognosis signature to the smaller number of
genes, which may have driven the expression of majority of
genes in the signature. Focusing on such ‘driver genc’
candidates would also minimize the chance of including
false-positive discovery in a genomic predictor. For this
purpose, a second tier of genomic analysis was performed to
identify genes that could be functionally important in
gastric cancer cells.

Genomic DNA from samples available from the training
set patients was analyzed by array CGH to identify gene
amplifications. Age, sex and overall survival were similar
between the 30 patients (31.3%) whose samples were
analyzed by array CGH and the other patients in the
training set. Using very conservative criteria (average
tumor/normal log, ratio >2.0 for =5 consecutive CGH
probes), nine amplicons were identified in 11 patients
(Table 2). We identified genes found in both the 1565 gene
expression signature whose transcriptional levels correlated
with poor survival of 96 training set patients (P-value
<0.05) and that are also located within the nine amplicons
identitied by the array CGH. Three genes—MYC (8q24.13-
24.21), EGFR (7p11.2) and FGFR2 (10q26)—were identified
in the amplicons (Table 2) whose expression array signal
values significantly correlated with the survival time of the
96 patients in the training set (Figure 1). Patients with EGIR
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Table 2 Amplicons identified using array CGH?

End No. of

patients

Cytoband Start Target gene

185763959
149514673
55363004

128822455

3g27.1
5g33.1
7p11.2
8q24.13-
24.21
9p13.3

185763900
149 487 646
54746103
126357675

EPHB3
PDGFRB
EGFR
MYC

N — — =

33745689 33961753  PRSS3, UBE2R2, 1
UBAP2
13123458467 FGFR2
35282145  FRBB2
36230022 KRT24, KRT25A,
KRT25C,
KRT25D, KRT10
KRTAP4-4,
KRTAP4-10,
KRTAP9-9,
KRTAP9-4,
KRTAP17-1,
KRTHA3A,
KRTHA3B,
KRTHA4,
KRTHAT,
KRTHA?,
KRTHAS,
KRTHAZ,
KRTHAS

123264724
35046052
36110139

10926
1712
17921.2

NN N

17q21.2 36569493 36888515

Abbreviation: CGH, comparative genomic hybridization.
“Defined by aberrations with average tumor/normal log, ratio >2.0 for >5
consecutive probes.

Figure 1 Three genes—EGFR, FGFR2 and MYC—overlap between
genes whose array expression levels correlated with survival times
(96 training set patients, P<0.05) and gene copy number changes
determined by array comparative genomic hybridization (CGH)
(tumor/normal log, ratio >2 for =5 consecutive probes).

and FGFR2 amplifications had higher expression levels of
each gene (8.4 and 10.2£0.8 (meants.d.), for EGFR and
FGFR2, respectively) than tested patients without the
amplification of these genes (59+1.0 and 5.2+ 1.1, for
EGFR and FGFR2, respectively). One of the two patients with
MYC amplification had higher expression than patients
without amplitication (10.9 vs 9.5+0.9).

The mRNA expression array signal values of these three
genes were correlated with the short survival time with
P-values of 0.0154, 0.0096 and 0.0057, for MYC, EGFR and
FGFR2, respectively, The expression patterns ol Lthese three



genes along with the cumulative survival data for all
patients are depicted in the heatmap in Figure 2. None of
the three genes had significantly different expression
levels between those patients who received second-line
chemotherapy and those who did not. Quantitative real-
time RT-PCR and immunohistochemical staining for the
three genes validated the array expression data (Supple-
mentary Figures 1 and 2).

A three-gene predictive index percentile was then calcu-
lated for each of the 27 patients in the validation cohort,
based on the weighted average of the log intensities of these
three genes for each sample (designated as the three-gene

Proportion Surviving TRAINING SET
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predictor). Patterns of MYC, EGFR and FGFR2 expression in
these 27 patients, together with the predictive index, are
graphically displayed in Figure 2. As a continuous variable,
the three-gene predictive index percentile is an independent
predictor for poor survival in the validation set by Cox
regression analyses, after considering age, performance
status, histological type and second-line chemotherapy
(adjusted P - 0.017) (Table 3). Patients predicted to have
poor survival after CF using a predictive index percentile
267% had a significantly shorter median survival
than patients with a predictive index percentile <67%
(7.4 months for the high-risk group vs 16.8 months for the

VALIDATION SET

! 1}
i !
08 : '
} H
06 ! i
i {
i i
04 ! H
| {
02 H i
H | 1
0 i ) i
Month 0} 12 2% 5 | 0] 12 u %
1 | ] H
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2 -2
.
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86 45
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Figure 2 Affymelrix array expression levels of MYC, EGFR and FGFR2 in 96 lraining set samples (left) and 27 validation set samples (right), shown
with Kaplan-Meier plots for overall survival. Samples are ordered by the increasing survival period of patient from left to right, for the training and
validation sets, respectively. A three-gene predictive index for each patient based on the three-gene predictor is indicated below.

Table 3 Cox regression analyses of the three-gene predictive index percentile, as a continuous variable, for 27 patients in the

validation set

Overall survival

P-value

Univariate

Three-gene predictive index percentile? 0.050
Multivariate

Three-gene predictive index percentile 0.017

Age =70 years® 0.027

Poor performance status (ECOG PS 2 or 3) 0.346

Second-line chemotherapy 0.041

Diffuse histological type 0.773

Time to progression

HR (95% CI) P-value HR (95% Cl)
1.015" (1.000-1.030) 0.026 1.017 (1.002-1.031)
1.023 (1.004-1.042) 0.014 1.023 (1.005-1.043)
7.614 (1.257-46.130) 0.144 3.605 (0.646-20.112)
2.130 (0.442-10.258) 0.074 4.829 (0.861-27.086)
4.231 (1.064-16.831) 0.011 5.992 (1.502-23.902)
1.164 (0.415-3.263) 0.280 1.774 (0.626-5.025)

Abbreviations: Cl, confidence interval; ECOG PS, kastern Cooperative Oncology Group performance status; HR, hazard ratio
*Computed based on weighted average of log intensities of the three genes (FGFR, FGFR2 and MYC) obtained using a proportional hazards regression on the first two

principal components of the log signal intensities of those Lhree genes.

"HR for each percentile increase in three-gene predictive index percentile. For example, a predictive index percentile of 100 (the highest predictive index) is associated
with an HR of 4.4 (= 1.015'%%), compared with a predictive index percentile of 0 (the lowest predictive index). The median predictive index (50%) is associated with

HRs of 2.1 (- 1.015°%), compared with the lowest predictive index.

‘For patients aged =70 years, the treatment schedule for fluerouracil could be shortened at the discretion of the oncologist to 3 instead of S days,
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low-risk cohort; P=0.047) (Figure 3a). As a class, the high-
tisk group predicted by the three-gene predictor (patient
group with a predictive index percentile >67%) was
associated with an adjusted HR of 3.1 (95% CI, 1.2-8.4;

= 1.0
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Figure 3 (a) Kaplan-Meier survival curves for the two risk groups of the
validation cohort predicted by three-gene predictor, Patients at a high
risk (predictive index percentile > 67%; n=10) had significantly shorter
median survival than patients at a low risk (n = 17) (7.4 vs 16.8 months;
log rank P=0.047). Green and blue lines represent overall survival
curves for the predicted high- and low-risk groups, respectively.
(b) Kaplan—Meier survival curves for the two risk groups of the published
microarray data set from 40 metastatic gastric cancer patients treated
with either fluorouracil-based regimens or cisplatin/irinotecan combina-
tion chemotherapy regimen. Patients at a high risk (predictive index
percentile = 67%; n= 6) had shorter median survival than patients at a
low risk (n — 34), at a borderline significance (3.1 vs 10.8 months; log
rank P=0.056). Green and blue lines represent overall survival curves
for the predicted high- and low-risk groups, respectively. The color
reproduction of the figure is available on the html full text version of the
manuscript.
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P=0.022). In addition, the three-gene predictive index
percentile is also an independent predictor for the timme to
progression, which is a more specific indicator of the clinical
responsiveness to systemic therapy than overall survival'’
(adjusted P=0.014) (Table 3). We therefore show that,
independent of old age (>70 years), poor performance
status (Eastern Cooperative Oncology Group performance
status >2) and second-line chemotherapy, the three-gene
predictive index is predictive of the benefit from CF to
metastatic gastric cancer patients. An adjusted HR for
time to progression according to each percentile increase
in three-gene predictive index percentile was 1.023
(95% CI, 1.005-1.043) (that is, 100, 75 and 50% predictive
indices are associated with an HR of 9.7 (=1.023'%"), 5.5
(=1.0237%) and 3.1 (= 1.023°?), respectively, compared with
a 0% predictive index).

Three-gene predictor predicts survival of patients in the
second validation set
To extend these results, we wished to test the predictive
power of the three-gene predictor in other independent
data sets. After the three-gene predictor was validated in
27 patient samples in our validation set, another microarray
study with a comparable study design to our study
was published in the literature.* These data were only one
published microarray data set that could be used to
determine whether the three-gene predictor could predict
the outcome of metastatic gastric cancer patients treated
with either cisplatin or fluorouracil. This data set contains
pretreatment expression array data for 40 patients who
subsequently received either fluorouracil-based chemother-
apy (n = 24) or cisplatin/irinotecan combination chemother-
apy (n=16) and patient survival data. We applied the same
three-gene predictor to this published microarray data set,
just as we did to our 27 patient data in the first validation
set. The three-gene predictive index percentile, as a
continuous variable, was found to be significantly associated
with poor survival of these 40 patients (P=0.047; HR
according to cach percentile increase in three-gene
predictive index percentile = 1.014 (95% confidence inter-
val, 1.000-1.027)). Cox multivariate analysis showed that
the three-gene predictive index percentile is an independent
predictor for poor survival, after considering performance
status, age, sex and the chemotherapy regimen (adjusted
P—0.026; adjusted HR=1.017 (1.002-1.032)) (Table 4,
Figure 3b). Thus, the predictive power of the three-gene
predictor is consistent across two validation sets, that is, one
fromn our study patients and the other from published data.
Interestingly, the three-gene predictor was found to be an
independent predictor for poor survival, when the same Cox
regression analysis was performed only on a subset of these
patients (n = 16) treated with cispiatin in combination with
irinotecan, a topoisomerase [ inhibitor (adjusted P=0.011;
adjusted HR=1.038 (1.008-1.068)). Patients treated with
irinotecan were not included in the original training
set patients. Hence, the predictive power of three-gene
predictor may not be specifically associated with only CF
therapy, although further large-scale studies need to be



performed to address the predictive value of the three-gene
predictor for other therapeutic regimens.

Three-gene predictive index and radiographic response

Although the radiographic tumor response was not the main
end point of this study, we also evaluated the association
between the three-gene predictive index and radiographic
response of patients with measurable disease. When pub-
lished data® were also included, 104 patients had either

Table 4 Cox regression analyses of the three-gene predictive
index percentile, as a continuous variable, for published DNA
microarray data from 40 metastatic gastric cancer patients
treated with either FU-based chemotherapy or cisplatin/
irinotecan combination chemotherapy

Overall survival

P-value HR (95% Cl)
Univariate
Three-gene predictive 0.047 1.014 (1.000-1.027)
index percentile
Multivariate
Three-gene predictive 0.026 1.017*(1.002-1.032)
index percentile
Performance status >1 0.028 3.008 (1.129-8.016)
Age® 0.766 0.995 (0.961-1.030)
Male 0.538 1.359 (0.512-3.605)
FU-based chemotherapy 0.744 0.854 (0.332-2.199)
regimen*

Abbreviations: Cl, canfidence interval; FU, fluorouracil; HR, hazard ratio,
“Adjusted HR for each percentile increase in three-gene predictive index
percentile. For example, a predictive index percentile of 100 (the highest
predictive index) is associated with an HR of 5.4 (=1.017'%), compared with a
predictive index percentile of 0 (the lowest predictive index).

PAs a continuous variable.

“As compared with the irinotecan/cisplatin combination chemotherapy regimen.
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partial response or stable disease (clinical benefit) as the best
response, whereas 46 patients had progressive disease. The
three-gene predictive index was signiticantly associated with
radiographic response at a univariate P-value of 0.039,
which is higher than the Cox regression P-value for the
overall survival of all study patients (Table S). This statistical
association was at borderline significance in a multivariate
regression analysis.

Three-gene predictor is not prognostic but predictive

Although we showed that the three-gene predictor predicted
time to progression and overall survival for CF-treated
patients, we wished to further address whether it represents
a prognostic signature, using the published data set from 88
gastric cancer patients who were treated by surgery alone
and not with chemotherapy.'' The three-gene predictive
index percentile was not a prognostic factor in this data set
as @ continuous variable (P =0.5006). There was no difference
in survival in the surgically treated patients between the
high- and low-risk groups predicted by the three-gene
predictor (P=0.972). These results strongly suggest that
the three-gene predictor is not a predictor of prognosis for
gastric cancer patients, but is predictive of the patient
response to chemotherapy.

Discussion

Cytotoxic chemotherapy prolongs the median survival of
metastatic gastric cancer patients from 3-5 to 9-11 months
compared with best supportive care, with a response rate of
40-50%."%*" Combination CF constitutes the backbone
for chemotherapy regimens commonly used for gastric
cancers.'”** We also reported that CF in combination with
low-dose docetaxel is active for metastatic gastric cancer
with tolerable toxicity profile.'® The ability to predict the
primary resistance of common solid tumors to cytotoxic

Table 5 Logistic regression analysis on the three-gene predictive index for radiographic response of 150 patients with
measurable disease, including patients represented by the published data set

- E_Qdiographic response® 7:im£ _{g‘prggresslon Qverall survival -
P-value OR (95% Ci) P-value® HR (95% CI) P-value® HR (95% CI)
Univariate
Three-gene predictive index?  0.039 2,001 (1.036-3.864) 0.020 1.304 (1.042-1.631) 0.030 1.288 (1.026-1.618)
Muitivariate
Three-gene predictive index 0.059 1.902 (0.976-3.704) 0.019 1.309 (1.045-1.641) 0.018 1.316 (1.048-1.654)
Age =70 years 0.914 1.069 (0.318-3.598) 0.791 1.119 (0.486-2.577) 0.113 1.600 (0.895-2.862)
Poor performance status 0.336  0.513 (0.132-1.999) 0.026 2.192 (1,097-4.381) 0.048 1.921 (1.004-3.677)

(ECOG PS 2 or 3)

Abbreviations: Cl, confidence interval; ECOG PS, Eastern Cooperative Oncology Group performance status; HR, hazard ratio; OR, odds ratio; WHO, World Health

Organization

No clinical benefit (progressive disease according to the WHO criteria; 7= 46) vs clinical benefit (partial response and stable disease; n=104).

"Result of Cox regression analysis on the three-gene predictive index for the time to progression of 123 patients in the training and the first validation sets

Result of Cox regression analysis on the rhree-gene predictive index for the overall survival of all of 163 study patients including published data set.

“Computed based on weighted average of log Intensities of the three genes (EGFR, FGFR2 and MYC) obtained using a proportional hazards survival regression on the

first two principal components of the log signal intensities of those three genes.
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chemotherapy is currently lacking, but would significantly
improve patient care by identifying those who would best be
treated by alternative strategies. This study has identified a
three-gene predictor that distinguishes gastric cancer
patients likely to receive a therapeutic benefit from CF from
those who will not.

Most previous studies attempting to identify predictors of
chemoresistance in gastric cancer have examined only
individual genes such as TS or ERCC1.2**" High-throughput
DNA microarray analyses to identify gene expression
signatures predictive of chemotherapy or chemoradiother-
apy resistance in gastrointestinal cancer patients have been
limited by the small number of samples,”* heterogeneous
treatment’ or were not prospectively designed.® In contrast
to these previous studies, our study uses high-throughput
genomic approaches, is prospeclive with a large, pre-defined
number of training set patients, separate validation cohorts
and survival data during an extended follow-up period.
Although previously reported TS and ERCC/ tend to be
associated with poor prognosis of our patients, the associa-
tion was not significant enough tor them to be considered
for our predictive model (P=0.073 and 0.076, for TS and
ERCC1, respectively). Notably, the outcome discrimination
predicted by the classifier was statistically significant on two
validation groups, including the only available published
microarray data set from chemotherapy-treated gastric
cancer palients.* Although the sample size of our validation
set is relatively small, it is nonetheless large enough to
show that our three-gene predictor provides a statistically
significant discrimination of patient outcome in multi-
variate survival analyses. The study design we employed
is consistent with an allocation of two-third to one-third
training-to-test allocation as recommended by stati-
sticians.?

We combined analyses of gene expression changes
identified by expression profiling with the identification of
DNA copy number changes using array CGH to develop a
predictor composed of a much smaller number of critical
genes that potentially could be of clinical utility. We
identified MYC, EGFR and FGFR2 in regions of amplifica-
tion, as well as in the gene expression signature related to
clinical outcome after CF therapy, suggesting that these
genes might be functionally involved in determining
resistance. Amplification of MYC, EGFR and FGFR2 have
previously been observed in gastric cancer at frequencies
4.8-15.5%,™% 2.3-13.3%%" and 3-10%,%%2* respectively,
suggesting that, in some cases, tumors amplify these regions
for selective advantage. Combined expression of these three
genes could predict overall survival and time to progression
of CF-treated gastric cancer patients. Thus, combining array
CGH analysis with relevant transcriptional changes is a
feasible approach for building a predictive model using
functionally important genes and reducing the likelihood
of false biomarker discovery. Transcriptional levels of
genes other than MYC, EGFR and FGFR2 identified in the
amplified genomic loci were not associated with the survival
of the 96 training set patients (for example, P=0.313
for ERBR2).
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Primary gastric tumors are not easily measurable by
current -radiographic techniques, and often there are no
metastatic lesions that are readily quantifiable in metastatic
gastric cancer patients. To develop a predictor from the
general population of gastric cancer patients in an unbiased
way, this study was designed to correlate gene expression
profiling of the tumors with overall survival and time to
progression, not radiographic response. Overall survival is
the ultimate measure of the treatment benefit afforded to a
patient and is a particularly appropriate gauge for patients
with metastatic gastric cancer, as radiographic assessment is
problematic in such patients. The fact that both the time to
progression as well as overall survival are predicted by our
three-gene predictor in Cl-treated patients, but not surgi-
cally treated paticnts, suggests that the three-gene predictor
is a predictive indicator for the clinical benefit from CI.

Although EGFR and FGFR2 expression have been reported
to have prognostic value for gastric cancer patients treated
surgically,””*® we did not find the three-gene predictive
index to be prognostic for surgically treated patients with
gastric cancer. Our findings are consistent with previously
reported experimental data on chemoresistance. Inhibitors
of EGFR act synergistically with cisplatin®' and fluorour-
acil,** whereas an FGFRZ inhibitor is synergistic with
fluorouracil.** MYC has been linked to cisplatin resistance
in several in vitro models.**=*7

Taken together, combined expression of MYC, EGFR and
FGER2 is predictive of poor survival in CF-treated metastatic
gastric cancer patients. More focused prospective trials that
are designed to test the clinical utility of this three-gene
predictor are warranted.
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