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Estimation of treatment effect adjusting for
dependent censoring using the IPCW method:

an application to a large primary prevention study
for coronary events (MEGA study)
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Background The MEGA study is a randomized controlled trial conducted in
Japan to evaluate the primary preventive effect of pravastatin against coronary heart
disease (CHD), in which 8214 subjects are randomized to diet or diet plus
pravastatin. Pravastatin reduces the incidence of CHD (hazard ratio =0.67; 95%Cl:
0.49-0.91). In the MEGA study, in addition to the usual loss to follow-up cases,
there is another problem of drop-outs due to the refusal of further follow-up at
5 years.
Purpose To estimate the treatment effect adjusting for some types of dependent
censorings observed in the MEGA study and to assess the sensitivity of standard
analysis resuits for these censoring cases.
Methods The proposed method is a stralghtforward extension of the inverse
probability of censoring weighted (IPCW) method for settings with more than one
reason for censoring, where the propensities for drop-outs are modeled separately
- for each reason. Simulation studies are also conducted to compare the properties
of the IPCW estimate with the standard analysis assuming independent censorings.
Results Simulation studies show that the IPCW estimate can correct for selection
bias due to dependent censoring that can be explained by measured factors,
while the standard analysis is biased. Applying the proposed method to the MEGA
study data, several prognostic factors are associated with the censoring processes,
and after adjusting for these dependent censorings, slightly larger treatment effects
for pravastatin are observed for both CHD (primary endpoint) and stroke
(secondary endpoint) events.
Limitations The method developed is based on the fundamental assumption
of sequentially ignorable censoring.
Conclusions Our proposed method provides a valuable approach for estimating
treatment effect adjusting for several types of dependent censorings. Dependent
censorings observed in the MEGA study did not cause a severe selection bias
attributable to the covariates and the results from the standard analysis were
robust .in relation to the censorings. Clinical Tr/a/s 2007; 4: 318-328. htip://
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Adjusting for dependent censoring in the MEGA study

Introduction

The management of elevated cholesterol in the
primary prevention group of adult Japanese
(MEGA) study is a randomized controlled trial
conducted in Japan to evaluate the primary pre-
ventive effect of a statin against coronary heart
disease (CHD) in daily clinical practice ([1].
In this prospective, randomized, open-labeled,
blinded-endpoints (PROBE) design study, men and
postmenopausal women aged 40-70 years with
hypercholesterolemia (total cholesterol (TC) level:
220-270 (mg/dL)) and no history of CHD or stroke
were randomized to diet (diet group) or diet plus
pravastatin 10-20mg daily (pravastatin group).
The primary endpoint was the first occurrence of
CHD, comprising fatal and nonfatal myocardial
infarction, angina, cardiac and sudden death,
and a coronary revascularization procedure. One
of the secondary endpoints was the first occurrence
of stroke.

Between February 1994 and March 1999, a total
of 15210 persons visiting an outpatient clinic were
registered throughout Japan. Of the 15 210 subjects
who met the inclusion criteria regardless of their
TC level and who provided signed informed
consent, 8214 who met the TC criterion were
randomized to either diet or diet plus pravastatin
treatment using the permuted block method with
stratification according to gender, age, and medical
institution. Of the randomized subjects, 382 were
excluded; 94 withdrew their consent, 224 had
exclusion criteria violation after randomization,
and 64 had no recorded data after randomization.
The remaining 7832 patients were analyzed (3966
diet group; 3866 pravastatin group). Follow-up was
continued until March 2004. The incidence of
CHD was significantly lower by 33% in the
pravastatin group than in the diet group (hazard
ratio=0.67; 95%CI: 0.49-0.91; p=0.01) [2].

A common problem encountered in any survival
analysis is censoring data with a possible
non-ignorable response mechanism. The response
mechanism, which is the reason whether or not
a response is obtained, is said to be non-ignorable
if it depends on a subject’s unobserved response [3].
If the censoring times are stochastically indepen-
dent of survival time, the censoring is ignorable
and standard survival analysis methods assuming
independent censoring is valid. For example, an
end-of-study censoring is completely determined
by the enrollment time. If the survival does not
change over time, such censoring time is indepen-
dent of survival time. The assumption of indepen-
dence, however, can never be verified from
observed data and often may not be justified in
practical settings. For example, one would suspect
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that drop-out subjects are different from the
other subjects with respect to many background
characteristics including the histories of prognostic
factors such as lipid values. This type of drop-out
may be dependent on the event of interest.
The Kaplan-Meier estimator or the log-rank test
under the assumption of independence will

be inconsistent in the presence of dependent

censorings [4].

In the MEGA study, although the follow-up
period was initially scheduled for 5 years, based on
the recommendation of the Data and Safety
Monitoring Committee, the study was continued
an additional 5 years to increase the number of
events, and thus, patients who provided written
consent at 5 years to continue the study were
followed until the end of March 2004 [1,2].
Therefore, in addition to the usual loss to follow-up
cases, there is another problem of drop-outs due to
the refusal of further follow-up at 5 years. To ensure
that the results in MEGA study are robust in
relation to its censorings, it is important to
assess the sensitivity of standard analysis results
{2] to these possibly dependent drop-out cases.

Recently, Robins and colleagues proposed the
inverse probability of censoring weighted (IPCW)
method for the analysis of data with informative
censoring [5-9]. The underlying idea of the IPCW
method is to base estimation on the observed
responses but weight them to account for the
probability of remaining in the study. The propen-
sities for drop-outs can be estimated as a function of
the observed responses prior to drop-outs, and also
as a function of the covariates and any additional
variables or subject characteristics that are thought
likely to predict drop-outs. The [IPCW method can
be used to correct for bias due to dependent
censoring when the dependent censoring can be
explained by measured prognostic factors.

In this article, we extend the IPCW approaches

for time-to-event data [7] to settings with more

than one reason for censoring. To obtain the
probability of remaining in the study, we use
separate models for each drop-out process,
because, in the MEGA study, one type of drop-out
dominates at 5 years, and the other type dominates
otherwise. This modeling strategy is important,
because there is a possibility of important differ-
ences in the effect of various predictors on each
separate type of drop-out, and causal interpretation
of the IPCW estimates depends on the correct
specification of the model for drop-out [7,9]. For
the usual drop-out cases such as loss to follow-up,
the cause-specific hazards of censoring are modeled
by the time-dependent Cox proportional hazards
model, in which the treatment group-specific
baseline hazard and parameters are separately
assumed in the two treatment groups. For the
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drop-outs due to the refusal of follow-up, the
probability of drop-outs at 5 years is modeled by
the logistic regression model. These two estimated
weights are combined in order to construct
the IPCW Kaplan-Meier estimator and the IPCW
log-rank statistic. The remainder of this article is
divided into five sections: presenting the MEGA
study data; describing the proposed IPCW metho-
dology; presenting the simulation studies to
evaluate the performance of the IPCW estimation
method; presenting the analysis results of the
MEGA study data; and finally, conclusion with
some discussion.

MEGA study

We will briefly describe the MEGA study data. Full
details on the design, conduct, and main clinical
results have been reported [1,2]. Table 1 shows
the baseline characteristics of the analyzed
patients. There was no clinical difference
between the two groups in baseline characteristics.

Women accounted for 68.4% (5356 patients) of the
study population. Mean body mass index (BMI) was
23.8(kg/m?). Mean TC, low-density lipoprotein
cholesterol (LDL-C), and high-density lipoprotein
cholesterol (HDL-C) levels were 242.6, 156.6, and
57.5 (mg/dL), respectively. Median triglyceride (TG)
level was 127.5 (mg/dL). Of the study patients, 41.8
and 20.8% had hypertension and diabetes mellitus
based on physician diagnosis, respectively.

After randomization, patients were followed at
months 1, 3, and 6 and thereafter every 6 months.
At each visit, data on treatment compliance, use of
concomitant drugs, onset of events, occurrence of
adverse events, and laboratory tests including
serum lipids were collected by the investigators.
Additionally, an ECG was obtained and evaluated
annually. All endpoints were reviewed strictly by
the blinded Endpoint Committee and additional
information obtained from the physician as needed
[1]. A total of 7832 patients were followed by 2658
physicians in 1320 hospitals. The follow-up period
was 41195 person-years (mean follow-up period
5.3 years). Table 2 shows the types and numbers

Table 1 Baseline characteristics of analyzed 7832 patients
Diet group Diet + pravastatin

Characteristics N=3966 group N=3866
Age (years), mean (SD) 58.4 (7.2) 58.2 (7.3)
Women, No. (%) 2718 (68.5) 2638 (68.2)
BM! (kg/m?), mean (SD) -23.8 3.0 23.8 3.1)
Current smoker, No. (%) 572 (14.4) 612 (15.8)
Current drinking, No. (%) 1183 (29.8) 1180 '(30.5)
Hypercholesterolemia 621 - Q158.7) 586 (15.2)

medication history, No. (%)
Hypertension, No. (%) 1664 (42.0)- 1613 (41.7)
Diabetes, No. (%) 828 (20.9) 804 . (20.8),
TC (mg/dL), mean (SD) 242.6 (12.1) 242.6 (12.0)
G (mg/dL), median (inter-quartile range) 127.5 (95.0~179.0) 127.4 (95.7-176.5)
HOL-C (mg/dL), mean (SD) 57.5 (15.1) 57.5 (14.8)
LDL-C (mg/dL), mean (SD) 156.5 (17.3) 156.7 (17.6)

SD: standard deviation; BMi: body mass index; TC: total cholesterol; TG: triglyceride; HDL-C: high-density lipoprotein cholesterol;

LDL-C: low-density lipoprotein cholesterol

Table 2 Types and numbers of events

Diet group' Diet + pravastatin group
Types of events Number '(%) Number - (%)
CHD ‘ 101 . @2.5) 66 a.n
Loss to follow-up . . 546 (13.8) 594 (15.4)
Refusal of follow-up by patients 278 (7.0) 270 (7.0)
Refusal of follow-up by institutions 165 4.2) 162 4.2)
End-of-study censoring 2876 (72.5) 2774 (71.8)
Total 3966 (100) 3866 (100)
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Figure 1 Incidence proportion for drop-outs (a) loss to follow-up; (b) refusal of follow-up by patients

of events in each treatment group. The events were
divided into five categories: 1. CHD events; 2. loss
to follow-up; 3. refusal of follow-up at 5 years by
patients; 4.. refusal of follow-up at S years by
institutions; and 5. no events at the end of study.
The withdrawal of informed consent occurring
except at 5 years was included in the category
of loss to follow-up (283 patients in diet group,
382 patients in pravastatin group). The refusal
of follow-up at 5 years was divided into two
categories, because, when obtaining the consent
to continue the study, each Institutional Review
Board (IRB) firstly made the decision regardless of
the patient’s intention. This institution-specific
drop-out at S years was not related to the patient’s
medical histories and was thought to be an end-
of-study censoring. These censorings at the end of
study (refusal of follow-up by institutions and no
events at the end of study) were not considered
dependent censoring, because there was a fixed
known calendar date at which the follow-up ended.
Therefore, the second (Reason 1: loss to follow-up)
and the third (Reason 2: refusal of follow-up by
patients) categories were regarded as dependent
censorings in this study.

Figure 1 shows the Kaplan-Meier curves for the
event of drop-outs, Reasons 1 and 2, respectively.
For Reason 1, more drop-outs were observed in
the pravastatin group. For Reason 2, the times of
drop-outs were djstributed around S years after the
start of follow-up and there was no distributional
difference between the two treatment groups.
Figure 2 shows-the Kaplan-Meier curves for the
CHD events that censored all drop-out cases at
their event times. The incidence of CHD was
significantly lower by 33% in the pravastatin
group than in the diet group (hazard ratio =0.67;
95%ClI: 0.49-0.91; p=0.01) (2].
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IPCW methods

Notation and assumption of no unmeasured
confounders for censoring

Let T; and C; be the potential failure (occurrence of
CHD events) time and the potential censoring time
for subject i (i=1,...,n), respectively. C; is the
minimum of C; (j=1,2,3), where C;; denotes
a censoring time of loss to follow-up (Reason 1),
Ci; denotes a censoring time due to refusal of
follow-up by patients (Reason 2), and C;; denotes
a censoring time at the end of study. The observable
data are ni.i.d. copies of X =min(T, C,, C,, C3), type
of event J (j=0, if CHD events are observed),
treatment group indicator variable R (R=1 if diet
plus pravastatin group, and R =0 if diet group), and
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covariate history Vx, where V,={V;: 0<s<t}, and
V, is a vector of possibly time-dependent prognostic
factors for T recorded at time s.

In order to identify the survival -time in the
presence of dependent censoring, we assume the
following relation in the censoring process,

)‘-C,'(tIR/ —‘711 TI T > t) - AC,'(”R' Vtr T > t)l (l)

where j=1,2 and A¢(t|(-), T>?) is the cause-specific
hazard of censoring at time ¢ given both
X =min(T, C,, C,, C3) exceeds at t and the informa-
tion in (-). This assumption means that, conditional
on the treatment group and on the recorded history
until time ¢, the cause-specific hazard of censoring
C; (j=1,2) at time t does not further depend on
the possibly unobserved CHD event time T. This
fundamental assumption is called ‘no unmeasured
confounders for censoring’ [10] and is equivalent
to a sequential version of Rosenbaum and
Rubin'’s strong ignorability assumption [11]. The
assumption specifies that, among subjects with
the same recorded past, the population of subjects
censored due to each specific cause at time t has
the same distribution of the outcome of interest
as that of the population of uncensored subjects
at time t. The assumption will be satisfied,
in particular, when the censoring process is
ignorable or missing at random (MAR) in
the terminology of missing data analysis [3].
In practice, we would not expect this assumption
to be precisely true, but given a rich collection
of prognostic factors recorded in V,, it may well
be approximately true.

Estimation of the probability of remaining in the
study (Reason 1)

The IPCW approach is to artificially regard subjects
as dependently censored at the first time a subject
was censored by either loss to follow-up or refusal
of follow-up. To correct for dependent censoring,
we need to estimate the treatment group-
specific hazards of censoring conditional on time-
dependent prognostic factors for CHD {7]. For the
drop-outs due to loss to follow-up (Reason 1), the
time-dependent Cox proportional hazards model
for censoring is used for the right-hand side of
Equation (1),

A, (tIR, Vi, T > t) = hor(t)exp(arVy),  (2)

where the treatment group-specific baseline hazard
hor (f) and the treatment group-specific regression
parameters ag are assumed, because both the base-
line hazard and covariate effects may depend on
treatment group. For estimating the hazard of
censoring (2) conditional on covariates, CHD
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events and other censoring types are censored at
their event times.

Under the assumption of no unmeasured
confounders for censoring (1) and the proportional
hazards model for cause-specific hazards of
censoring (2), the conditional probability of
being uncensored due to the Reason 1 for subject
i is provided by the following time-dependent
extension of the Kaplan-Meier estimator,

Ku(t) = I1

exp|—on(X.) exp@rVi,)|,
w:Xy<t, 0,1=1, R,=R;
3

where  Xor(Xu) = 0w/ LiL; exp(@rVix,)YilXu)l x
(Ri = R) is the Breslow estimator of the baseline
hazard function for censoring j=1 in treatment

‘group R, and Y(t) takes the value of one if subject i

is at risk at time ¢, and zero otherwise. a,,; takes the
value of one if the subject is censored for Reason 1,
and zero otherwise. For any proposition A, I(A)
equals one if A is true and zero otherwise.

Estimation of the probability of remaining
in the study (Reason 2)

For the drop-outs due to refusal of follow-up by
patients (Reason 2), because the drop-out times are
fixed at 5 years, the probability of drop-outs is
modeled by the following logistic regression model,

logit Pr(D; = 11R, Vs, Zi = 1) = yor + Vs, (4)

where D; takes the value of one if subject i refuses
further follow-ups at 5 years, and zero otherwise,
Z; takes the value of one if subject i experiences the
re-informed consent at 5 years, zero otherwise, and
vox and yg are the treatment group-specific regres-
sion parameters. Under the assumption of no
unmeasured confounders for censoring (1) and
the model (4), the conditional probability of
being uncensored due to Reason 2 for subject i is
estimated by

Ko(5)=1-Pr(D; = 1R, Vs5,Z;i=1).  (5)

Estimation of the IPCW survival function

The IPCW estimator is different from the ordinary
estimator by weighting the contribution of a
subject at risk by the inverse of the conditional
probability of having remained uncensored. Using
the above_ estimators of uncensored probability,
Ki1(t) and Kj»(5), the contribution of a subject at risk
at time t is weighted by the inverse of an estimate of
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the conditional probability of having remained
uncensored for both reasons until time t,

1

= fort<$S
K (t)
- 1 1
Wi(t) = = x | = fort>5andZ;=1.
Kii(t) Ki2(5)
Al fort>5and Z; =0
Kn ()

Here, we assume that the conditional
probabilities are bounded away from zero with
probability 1 for each subject i, that is, Kj(t) > 0.
This assumption will be satisfied unless their
conditional probabilities are structural zero, that
is, K;(t)=0 for some values of V:. Under this
assumption, the IPCW Kaplan-Meier estimator of
the treatment group-specific survival of not having
CHD events through time ¢ is

SreiR) = T

{i. X<t}

[1 _ 5Wi(X)IR; = R) }
i1 Y;;(X,')W,,(X,-)I(Ru =R)
(6)

where §; is the failure time indicator that takes the
value of one if the subject failed and zero if the
subject is censored. This IPCW Kaplan-Meier
estimator for CHD events in treatment group R
differs from the ordinary Kaplan-Meier estimator
in that the contribution of a subject at any time
X; is weighted by the subject-specific weight W;(X;).
In_ the IPCW estimator (6), the quantity,
SiWi(XnI(R; = R), estimates the number of subjects
in treatment group R who would have been
observed to fail at time X; in the absence of drop-
outs, while the quantity, Y, Y.(X)W,(X)I x
(R, = R), estimates the number of subjects who
would have been alive and at risk at time X; in the
absence of drop-outs. Thus, the ratio estimates
the hazard of CHD event at X; in the absence
of drop-outs; it follows that (6) estimates the
probability S,(t|R) of surviving without failure
(i.e., of remaining CHD-free) until time t in the
absence of drop-outs. Under assumption (1) and
the correct specification of weights, Robins {5]
proves that under mild regularity conditions, the
IPCW estimator (6) gives a consistent estimator
of our target causal estimand S$y(tR). Inverse
probability weighted estimators have been pre-
viously considered by Horvitz and Thompson [12]
in the sample survey literature. Satten and Datta
[13] give an elementary discussion of the IPCW
estimators.
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Comparison of the IPCW survival function

We used the Cox proportional hazards model to
compare the IPCW survival distribution between
the two treatment groups. The model is

Ar(tIR) = 2o(t) exp(6R)

where A(fiR) is the potential hazard of CHD
events at time t in the treatment group R. The
IPCW Cox partial likelihood score U(8) for 8 differs
from the ordinary Cox partial likelihood score in
that the contribution of the subject u at risk at time
X; is weighted by W,(X;), that is,

UP) =) sWiX)
i=1

_ ZZ=1 Yll(Xi)ﬁ{u(Xi)Rll exp(BR.)
1 Yu(X)Wu(X;) exp(BR.)
8)

Under the assumption (1) and the correct specifica-
tion of weights, Robins [5] proves that under mild
regularity conditions, the weighted estimating
equations U(8) =0 gives a consistent and asympto-
tically normal estimator of the parameter 8, which
can be interpreted as the treatment effect in the
absence of drop-outs.

The use of individual weights induces within-
subject correlation and we must take this correla-
tion into consideration in the calculation
of variance. In the calculation of a confidence
interval, we used the robust variance estimate [14].
It provides a conservative confidence interval for
the parameter of interest, that is, the 95% Wald
confidence interval calculated as g+ 1.96 x (robust
standard error), which is guaranteed to cover the
true value of g at least 95% of the time in large
samples [14,15].

XR,'

Simulation studies
Settings of simulations

To evaluate the performance of the IPCW estima-
tion method, we carried out simulation studies
under three conditions: missing completely at
random (MCAR), missing at random (MAR), and
missing not at random (MNAR). We simulated
data from two treatment groups, coded as R=0
(control treatment) or R=1 (test treatment). About
equal sample size of 500 for each group was
randomly generated (total sample size was 1000).
The simulations were based on 1000 replications,
so that the estimated coverage probability of a true
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95% confidence interval would have a simulation
accuracy of ~1.35%.

For each subject i (i=1,...,1000), a time-
dependent covariate L; (t=0, ..., 4) was generated
via the following mixed effect model,

Ly =10~0.10 x I(R; = 0) x t — 1.70
x I(R; = 1)xt+b0,-+b1,-xt+e,-t.

The random effects by; and b,; were generated from
a bivariate normal distribution with means of zero
and their variance of 3.0 and 2.5, respectively, with
the correlation coefficient of 0.8. The random error
&, was generated from a normal distribution with a
mean of zero and a variance of 0.8. For each subject,
L;; was supposed to be observed until just before the
observed failure time.

The potential failure time T; was generated
from the following exponential distribution with
hazard 2,

S(t) = exp(—At),

where A=exp(ao+a1R,-+a2L,-0), (d], dz):(—O.S,
0.3), and «op=-6.0 (MCAR and MAR cases),
ag=-5.7 (MNAR case). The drop-outs were
assumed to occur at four time points (t=1,...,4)
and censoring at the end of follow-up (t=35) was
considered independent censoring. For simplicity,
only one type of drop-out was considered,
where the drop-out indicator variable D;, (D;=
if drop-outs, D;;=0 if otherwise) was generated
from the following conditional model,

logit Pr(Die = 1|Dy¢—1y = 0, Li¢—1), t, Ti > 1)

= fo + Bt + Ba2Lie—1y + B3 T}, 9

where t=1,...,4, B, =83 =0 corresponds to MCAR
case (fy and B, were set to be —2.0 and —-0.4,
respectively), B, # 0, B3 =0 corresponds to MAR case
(Bo, B1, and B, were set to be —6.0, —0.4, and 0.4,
respectively), and B3 # 0 corresponds to MNAR case
(Bo, B1, B2, and B3 were set to be —3.5, —0.4, 0.4, and
—0.3, respectively). In the above settings, although
the potential failure time T; is assumed to be
directly dependent on group and baseline covariate
L;, because of the high correlation between L,y and
L;, the larger the values of L;, the T;is shorter and
the more drop-out cases will be observed. The
percentages of event, drop-outs, and censoring at
the end of follow-up are roughly 10, 20, and 70%
(R=1), 20, 20, and 60% (R=0), respectively. The
observed failure time X; was set to X;=t for drop-
out cases at time t, X;=T; for event cases whose
potential failure time is not exceeding 5, and X;=5
for censoring cases at the end of follow-up whose
potential failure time is >S.
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In each repetition of simulations, the propor-
tional hazards model including a group variable R
as a covariate was fitted to the observed failure time
X; and the estimate of the log(hazard ratio), 6
(s=1,...,1000), was calculated. The following
three proportional hazards models were fitted.
The first one was the standard analysis
ignoring the time-dependent covariate L;, where
all drop-out cases were assumed to be censored at
their drop-out times (assumption of independent
censoring). The second one was the adjusted
analysis including the time-dependent covariate
L;, as covariates under the assumption of indepen-
dent censoring. The third one was the proposed
IPCW analysis, where the weights were estimated
by fitting the model (9) with 8; =0 to the observed
data.

The result from the analysis for data that had
been observed in the absence of drop-outs was
regarded as a true value of the log(hazard ratio)
in each repetition. The observed failure time that
had been observed in the absence of drop-outs A;
was defined to be A;=T; for event cases whose
potential failure time is not exceeding S, and 4;=35
for the censoring cases at the end of follow-up
whose potential failure time is >5.

Results of simulations

Simulations were evaluated in terms of the percent
relative bias, mean squared error (MSE), and cover-
age probability of nominal 95% large sample confi-
dence intervals for the estimate of the log(hazard
ratio) for group effect. The percent relative bias was
computed as (1/1000) " (s — 6)/6 x 100, where 6
is the estimate of 9 (average of true values for
the log(hazard ratio)) from the sth simulated
replication.

Table 3 shows the results. Under the MCAR
setting, both estimates from the standard and the
IPCW analysis were nearly unbiased and their
coverage probabilities were close to the nominal
level of 95%, while the adjusted estimate was
largely biased with anticonservative coverage prob-
ability. Under the MAR setting, as expected based
on the theory, the selection bias due to the time-
dependent covariate L; was adjusted by the IPCW
analysis, while the estimate from the standard
analysis underestimated the treatment effect
because the subjects with larger values of L, and
shorter potential failure time tended to drop out.
MSE from the IPCW analysis was slightly larger
than that of the standard one. Under the MNAR
setting, the IPCW analysis could not adjust the
selection bias due to the violation of the assump-
tion of no unmeasured confounders for censoring,
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Table 3 The results of simulations for the estimate of treatment effect

Estimation method True value Relative bias (%) MSE 95% coverage
MCAR Standard -0.485 0.60 0.023 95.0
Adjusted . —44.23 0.072 71.0
1PCW 0.62 0.023 951
MAR Standard -0.483 -3.20 0.027 94.2
Adjusted -43.43 0.072 73.2
1PCW --0.57 0.032 94.9
MNAR  Standard -0.479 -3.31 0.025 94.6
Adjusted ~29.57 0.045 84.2
IPCW -2.46 0.026 95.3

MSE: mean squared error

Standard analysis is the proportional hazards model including only a group variable as a covariate
under the assumption of independent censoring. Adjusted analysis is the same model except for

including the time-dependent covariates.

although the bias was slightly smaller than that of
the standard one.

Analysis of MEGA study data
Factors affecting each drop-out

To construct the IPCW estimators, it is necessary to
estimate the subject-specific weight W;(X;) condi-
tional on time-dependent pregnostic factors for
failure. We have to choose variables for modeling
the censoring process so as to make assumption (1)
plausible. As causal interpretation of estimates
depends on the correctness of (1), making the
censoring process ignorable is more important
‘than fitting a parsimonious model. However,
because of the large number.of potential prognostic
factors included in V,, it may be useful to reduce
these- to a relevant subset. In general, for a
time-dependent prognostic factor to cause selection
bias or confounding, it must be a prognostic factor
for both failure and censoring.

To estimate the subject-specific weight Wi(X)),
we used five time-dependent factors as well as
twelve baseline factors shown in Table 1.
Among baseline factors, missing data were observed
in the values of BMI (0.24%), current smoking
(0.18%), and drinking (0.17%). The missing values
of BMI were imputed by the mean value of
23.8 (kg/m?). The later two factors were imputed
by zero (no smoking and no drinking, respectively).
Five time-dependent factors were four lipids
(TC, TG, HDL-C, and LDL-C) and treatment
actually received. For the missing data of lipid
values (21.5%), the regression imputations were
separately conducted, where 12 baseline factors,
allocation group, and the last observed lipid value
were included as covariates in each prediction
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model. For the missing data of -treatment
actually received (10.5%), the last observation
carried forward method was used to impute the
missing values.

To estimate the treatment group-specific hazards
of censoring due to Reason 1 and the probability
of drop-outs at 5 years due to Reason 2, five
combinations of covariates V, were used in both
Models (2) and (4), accounting for the multi-
collinearity of covariates. First one included all
five time-dependent factors and twelve baseline
factors as covariates (Model 1). Second one
excluded all TC values and time-dependent
treatment group from Model 1 (Model 2). Third
one excluded all baseline lipid values from Model
2 (Model 3). Fourth one excluded all TC values,
time-dependent TG, HDL-C, and LDL-C from
Model 1 (Model 4). Last one included only
significant variables in the Model 2 (Model 5).
The values of TG and HDL-C were included into
the above five models by taking their logarithm.
For the five time-dependent factors, the most
recent recorded values were included as covariates
in the prediction model.

Table- 4 shows the effect estimates of each
factor associated with two types of censorings.
The results from Model 3 are presented, because
the results from the other models were similar
to those shown in Table 4, except previous non-use
of pravastatin also predicted drop-outs from
the study. For Reason 1, patients who have
hypertension, diabetes mellitus, or hypercholester-
olemia medication history tended to remain
in the study. In the pravastatin group, the higher
the values of TG or LDL-C during the study period,
the more drop-out cases that were observed. For
Reason 2, patients with hypertension or lower
values of TG or HDL-C during the study period
were likely to consent to the further follow-up at
S years.
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Table 4 Factors affecting each drop-out (results from Mode! 3)

Loss to follow-up (Reason 1)

Refusal of follow-up by patients (Reason 2)

Diet Diet + pravastatin Diet Diet + pravastatin
Factors HR 95% ClI HR 95% CI OR 95% Cl OR 95% ClI
Baseline
Age (years) 1.01 099,102 1.00 099,102 099 0.97, 1.01 1.00 0.98, 1.02
Women 1.08 0.85 137 1.00 080,1.27 0.80 0.55, 1.18 1.28 0.86, 1.89
BM! (kg/m?) 1.01 0.98,1.04 098 0.95 1.01 1.10 0.97,1.06 0.98 0.94, 1.03
Current smoker 133 0.88,1.44 1.2 0.94, 1.54 1.14 0.75, 1.72 1.23 0.81, 1.85
Current drinking 1.14 091,145 1.03 0.83,1.28 0.81 0.55,1.17 117 0.80, 1.70
Medication history 0.84 0.66, 1.08 0.63  0.48, 0.81 0.87 0.58, 1.29 0.70 0.45, 1.08
Hypertension 0.82 0.68,0.98 0.91 0.77,1.07 0.79 0.60, 1.05 0.76 0.57, 1.01
Diabetes 1.02 0.82,1.25 0.72 058,090 0.83 0.60, 1.18 1.01 0.73, 1.42
Time-dependent .
TG (mg/dL) .11 0.92,1.35 1.30 1.08, 1.57 - 1.56 1.08, 2.25 1.72 1.20, 2.48
HDL-C (mg/dL) 0.82 0.54,1.26 1.11 0.74,1.67 3.14 1.54, 6.41 1.76 0.84, 3.69
LDL-C (mg/dL) 1.00 0.99,1.01 1.01 1.01,1.01-  1.00 1.00, 1.01 1.00 1.00, 1.01 ~

HR: hazard ratio; OR; odds ratio; Cl: conﬁdgnce interval; medication history: hypercholéesterolemia mgdication history
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IPCW incidence proportion for CHD events in each treatment group. In each group, the solid line is the IPCW estimate

and the dashed one is the standard estimate shown in Figure 2: (a) Diet group; (b) Diet + pravastatin group

Estimation of treatment effect adjusting for
dependent censoring

Figure 3 shows the IPCW Kaplan-Meier curves for
the CHD events in each treatment group. In each
group, the solid line is the IPCW estimate whose

weights were calculated from Model 1, and the

dashed one is the standard estimate shown in

Figure 2. In both treatment groups, the adjusted -

curves were almost the same as those obtained
by assuming all drop-out cases as independent
censoring. Table 5 shows the estimates of treatment
effect under several models. Hazard ratios for stroke
event, which was one of the secondary endpoints
in the MEGA study, were also presented. Analysis
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models for stroke were the same as those for CHD
events, and similar results for factors associated
with censorings were observed (not shown) as
shown in Table 4. For both CHD and stroke
events, a slightly larger treatment effect was
observed by the IPCW analysis. The IPCW estimates
did not change under different models for the
estimation of weights.

Discussion

In this article, we developed a method for
the estimation of treatment effect adjusting for
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CHD Stroke
Method HR 95% Ci p-value HR 95% ClI p-value
Standard 0.67 0.49, 0.91 0.010 0.83 0.57, .21 0.33
1PCW Model 1 0.65 0.48, 0.89 0.007 0.81 0.56, 1.18 0.27
Model 2 0.66 0.48, 0.90 0.008 0.81 0.56, 1.18 0.28
Model 3 0.66 0.49, 0.90 0.009 0.81 0.56, 1.17 0.26
Model 4 0.66 0.49, 0.91 0.009 0.81 " 0.56,1.18 0.27
Model 5 0.66 0.48, 0.90 0.008 0.82 0.57,1.19 0.29

HR: hazard ratio; Cl: confidence interval; standard method is the analysis assuming all types of censorings as independent.

dependent censoring using the IPCW approach.
This proposed method is a straightforward exten-
sion of Robins and Finkelstein {7] method for
settings with two or more reasons for censoring.
In real clinical trials, there are several different
types of reasons for censoring and it is likely that
each process has its own reason, that is, the
covariates history through each censoring. Our
proposed approach was a relatively easy method
for accounting for the differences in the reasons for
censoring by estimating the weights separately in
the framework of the IPCW methodology.

It is important to note that our results are
based on the fundamental assumption (1) that the
cause-specific hazard of censoring can be totally
explained by the treatment group and the
recorded history of the covariates. This assumption
is a non-identifiable assumption and is not testable
from the observed data. There is a possibility of
a residual effect due to unmeasured prognostic
factors for censoring. However, in the MEGA study,
many clinically important prognostic factors were
measured and all of them were used as covariates to
predict the probability of remaining in the study. In
addition to the five prediction models shown in
Table 5, the analyses based on other prediction
models, in which time-dependent covariates were
entered in different ways, such as the difference
from the baseline or the absolute past two values,
were conducted, and the IPCW estimates were
shown to be insensitive to the selection of the
prediction models conditional on the measured
covariates. Therefore, a departure from the assump-
tion (1) will be small in our IPCW estimates.

In this article, we regarded both the institution-
specific drop-out at 5 years and the end-of-study
censoring as independent censoring. However,
there may be a possibility of correlation between
such censorings and the prognosis [16]. We also
conducted the IPCW analyses, where all types
of censorings were considered as potentially depen-
dent ones. In this analysis, censoring due to
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institutional refusal at S years was separately
modeled by the logistic regression model such as
(4), and the end-of-study censoring was modeled
by specifying the cause specific hazard functions,
where the time-dependent Cox proportional
hazards models such as (2) were separately fitted
for each cause of censoring. The IPCW hazard ratios
from Model 3 in combinations of covariates V,
were 0.66 (95% CI: 0.48-0.90) for CHD events and
0.81 (95% CI. 0.56-1.18) for stroke event.
Therefore, our informal assumption that the end-
of study censoring including institutional refusal at
5 years was considered as independent censoring
seemed to be reasonable.

In the analyses of the MEGA study, factors
affecting drop-outs were different for each reason
for censoring as well as for the treatment group.
However, no history of medication for hyperten-
sion, diabetes mellitus, or hypercholesterolemia
was related to both censorings, that is, patients
with a relatively better medical condition tended to
drop out. This suggested that troublesomeness
or weak motivation for participating in the
study might cause the drop-outs, because the
MEGA study was a primary prevention study.
Furthermore, the fact that patients with high
HDL-C or not in the pravastatin group tended to
drop-out may also explain the above possibility for
the censoring process in the MEGA study. This
censoring process was different from that observed
in usual clinical trials where the occurrence of
adverse events or deteriorating health condition are
the primary reasons for study drop-out. On the
other hand, for the time-dependent covariates,
patients with higher values of TG tended to drop
out, suggesting that non-compliance with the
appropriate diet instructions or inadequate diet
control during the study period were related to the
censoring processes.

Compared with the standard analysis, a slightly
larger treatment effect was observed by the
IPCW analysis, but the difference was minimal.
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In general, selection bias is a function of both the
magnitude of censoring rate and how different the
censored subjects are from uncensored ones in
terms of prognosis. In the MEGA study, although
the censoring proportions due to patient refusal of
follow-up (Reason 2) were relatively small and there
were no differences between treatment groups,
those due to loss to follow-up (Reason 1) were
relatively large and the differences were observed
between treatment groups (Figure 1(a)). In the
latter category of censoring, about half of the
reasons for loss to follow-up were the withdrawal
of informed consent (51.8% in diet group, 64.3%
in pravastatin group). As shown in Table 4 and
discussed previously, the censoring process
observed in the MEGA study seemed to be unre-
lated to the occurrences of outcomes of interest.
Therefore, the lack of effect of weighting in our data
could be due to the fact that the weights are not
highly related to the probabilities of disease out-
come and thus would not have an appreciable
effect in altering the point estimates. This
result indicates that drop-outs observed in the
MEGA study did not cause a severe selection bias
attributable to the measured covariates and the
standard analysis results [2] were robust for the
drop-outs.

However, as shown in the results of the simula-
tions, the estimate from the standard analysis is
biased under the MAR setting where the drop-out
process is dependent on the covariate histories.
In many clinical trials, because we cannot safely say
that the dependent censorings have not occurred, it
is important to conduct the analysis accounting for
the dependent censorings as well as the standard
one and to compare their results. When .their
results differ remarkably, the reasons for drop-outs
were examined in detail and the effects on the final
conclusion in the clinical trial concerned should be
discussed.
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