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Table 1 #% 1 B ARFBIRENR
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Peripheral blood
WBC 3300/l
(4,000—9,000)
Stab 30 %
Seg 58.0 %
Fo 0.0 %
Bas 20 %
Mo 14.0 %
Ly 19.0 %
Atypical ly 40 %
RBC 248 x 104/l
(380—480 x 10%)
Hb 75 g/dl (12-—16)
Ht 226 % (34—42)
Reti 02 % (0.8—20)
Plt 95 x 104/ ul

(14—40 % 109

Blood chemistry
TP 49 g/dl (63—8.1)
Alb 19 g/dl (3.7—4.9)
LDH 492 TU/1 (125—237)
GOT 29 TU/1 (9—38)
GPT 13 TU/1 (4—36)
y GTP 42 TU/1 (4—68)
ALP 179 TU/1 (60—201)
T-Bil 0.6 mg/dl (03—1.3)
BUN 158 mg/dl (9—31)
Cr 0.55 mg/dl (0.4—0.9)
Na 132 mEg/1 (132—148)
K 43 mEq/l (35—4.9)
Cl 100 mEq/! (96—108)
Fe 101 pg/dl (40—162)
UIBC 120 pg/dl (126—358)
Glu 126 mg/dl (75—105)

Serology
RA (=)
ANA (=)
Anti-DNA Ab (=)
ANCA (=)
HBs Ag (=)
HCV Ab (=)
HTLV-1 Ab (=)
CRP 70 mg/dl (<0.3)
Ferritin 1,181 ng/ml (4—108)
EPO 709 mIU/ml! (16.6~37.5)
sIL-2R 3227 U/ml (167—497)
EBV VCA-IgG x 320 (0—10)
EBV VCA-IgM <x 10 (0—10)
EA-IgG <% 10 (0—10)
EBNA % 20 (0—10)
parvo B19 IgM 013
Flowcytometry
CD3/CD19% 87/2
CD4/CD8 0.37
CD8 + DR + 60 %

Bone Marrow normocellular bone marrow
NCC 5.7 x 104/ ul, M/E 103.38, MgK 60
Erythroid series : Pro 0.0%, Baso 0.8%, Poly 0.0%, Ortho 0.0%, giant polyerythroblast (=)

Table 2 # 2 HAKERERR

Peripheral blood
WBC 3700 /i
(4,000—9,000)
Stab 00 %
Seg 620 %
Eo 00 %
Bas 10%
Mo 130 %
. Ly 200 %
Atypical Iy 40 %
RBC 289 x 10¢ /ul
(380—480 % 109
Hb 91 g/dl (12—16)
Ht 270 % (34—42)
Reti 17 % (0.8—2.0)
Plt 85 X 10¢ / pul

(14—40 x 109

Blood chemistry
TP 56 g/dl (6.3—8.1)
Alb 26 g/dl (37—49)
LDHE 333 TU/I (125—237)
GOT 27 TU/1 (9—38)
GPT 17 TU/1 (4—36)
y GTP 35 IU/I (4—68)
ALP 149 TU/I (60—201)
T-Bil 0.6 mg/dl (0.3—1.3)
BUN 216 mg/dl (9—31)
Cr 075 mg/dl (04—09)
Na 135 mEq/] (132—148)
K 41 mEq/l (35—49)
Cl 103 mEq/] (96—108)
Fe 21 pg/dl (40—162)
UIBC 143 pg/dl (126~—358)
Glu 122 mg/dl (75—105)

Serology
CRP 65 mg/dl (< 03)
Ferritin 2,523 ng/ml (4—108)
sIL-2R 1.877 U/ml (167—497)
EBV VCA-IgG X 640 (0—10)
EBV VCAIgM <x 10 (0—10)
BEAIgG <x 10 (0—10)
EBNA % 40 (0—10)
Flowcytometry
CD3/CD19 80/3
CD4/CD8 05

Bone Marrow normocellular bone marrow

NCC 65 x 10 ul, M/E 1.52

Erythroid series : Pro 1.7%, Baso 61%, Poly 191%, Ortho 96%, giant polyerythroblast (—)
K N/C oS OMIs % S5ED (30 ~ 40%), 1 bHoOMifkE MPO S TIMEEF L,
#IB3’E © basophilia AT, HMMERICIIZERISBIFET 5.

Tmmunological staining

CD20 (+), CD19 (+), CD3 (), CD5 (=), CDi0 (), CD79% (+), A dominant
EBER (-), LMP1 (-), EBNA2 (=), IgH/CMYC: (=) (t(8;14), t(8:2), t(8;22))
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Fig.1 £ 2 M AREORKREE. CAM: clarithromycin, CPR: cefpirome sulfate, VCM :vancomy-

cin hydrochloride
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HCEBDBHTE L7z, U v sk E RO
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7z, BICH L CIEERN 2 TWiEEEE L. HE

ERPOH 1 I REB LA BRERE 2 Y, B
FFIZ1E Hb 10g/dl B % Tl L 7=,

HF2EARE CORE  BRBEIEECETRRER
BL, EFCEVIICHITTEVWY A TE 313 8412
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Fig.3 % 2 BT L7 BREREE

a May-Giemza St (x400). KEOMK & FBEOKRE ko, KBOREMENU T A
CEELTYS. BARICZABEASRD 5N, —R ‘Sarrysky"#ThH 5. RERRFNI CDI0

EETho7:.

b CD20 st (x400). CD20 B BEIcRES.

M /E 90/60mmig, FR¥A86/% %E. B L )V Japan
ComaScale CLl. BEANRXEH MEsFM A 7 — W
(HDS-R) 1% 30 5 12 . EEOBEIIETLTHEDY,
BRI & . 0 SeERIC Levine TIT/ VI O Wi HH
TR, BiEEEND T 2 #ism. REY ¥ /VE
OEELZL. THREZEZRL. ARSI T B R R
SOOIV RD b,

AEEHAETTR | 4 2 BARBORER R % Table 2
R, BTELARRRS & EAR O L ERIRA & BELY Y NER
DOWE, LDH LS, CRP®7 )T YOBREPRD L
nie. F7e, MEEL2VET Y —OERSHEHLEE
(1,877U/ml) Thol:.

ARt 0B | &2 B AKRBOREE Fig 1IIRT.
AT L7 B ERE R CT T, #IE ABER I3 ER
Do B BRI B b, AV T LAY
VFTLEEAOEY ZAPHEITEICEmML T
(Fig.2). &5, BHEHNERIIBVT, K&
FHEOKRE RigEE D, KBEORERMRYETE AN
CEELTEY (Fig3a), BRI CD20 it
(Fig.3b), CD3, CD5, CD10ix K& %, EBER (EBV-
encoded RNAs), LMP1 (EBV-encoded latent protein 1,
EBNA2 WEFN L BETH o 72, cMyc BIZF DIEE
(t(8:14), t(8;2), t(8;22) WBOBbNZ P27z L
bk, OV AMERHERAE B Hife Y >/ E (diffuse large
B-cell lymphoma : DLBCL) & &L 7z.

ABEEE L ) S T RS FAERNIC RIS 2 2 L

7 ¢, DLBCL & Wik ic B L7-1b3 e (CHOP &
1% ; cyclophosphamide , doxorubicin, vincristine ,
prednisolone) 2P AICIIG L, BELL (Fig 1).
12— ZAOLFEEIC X VIEREIEREL, e lhFER
EAikET 28 E %, 5 H 30 BitBEEL oz,

z =

AR RE A EROER FWEL, BEETo
7T b Hhb b T UMBHEEDWICEST, M 1FOR
BCEMY VB L OBIICE o7 FHBOERERESR
LT, SRR CLORE, OFERESE, Om
wes e L SN BER, KBS EED, BREICS
WThIhD 3DODREHFEETH L.

AEFOBEBRERT20H BB R0, §
1 EHOAEET CICERY VEFMEBEL TR E
FPENS ETHL. B, BEEHTRRLZAP
2 MRS R R L - BIREBIRER Y Y N EOE L
%ﬁ?%um+ﬁ&ﬁ§i&w.L#L,%I@Aﬁﬁ
3 b N LI, MEiE, RED) VSEROTE,
TEEL2LET Y —DREBEOTTE LRI
SR 5 720 I BE OO A TR REEET,
ORI B Y VSESHEE LTV 3T AR
MRdHBH. 72721, VU v SEXDLBCL Tho7ld,
O indolent 72 Y NETH o 72 RIAHTH 5. indo-
lent 72 1) ¥ 7SfED b aggressive 72 1) ¥ 7SO trans-
formation DEFAE % M B &, follicular lymphoma (FL)
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13 5 4F B 12 22%, 10 4F R 12 31% #* transformation %
Se7-1.9, transformation  COMMITFHH 66 4 AT
DB EHRESINT W 5BY, F 7 splenic marginal zone
lymphoma (SMZL) TWHEFEFID 10~20% 7* transfor-
mation #%7-LTHY, EnFCOHMITPMEELL
T12~85 W B LIMEEINTWAEY, L7edoT, £1H
ABEHIC indolent DEEY Y NEIEBEETHINEI D
HBZENICHEEL TV R W, 1EROBERBERIC
FL % SMZL 7 & indolent 72 Zik ) Y /8 ED b aggres
sive 2B »75E (DLBCL) 1T higher-grade transfor-
mation 37z LWL EZONS. £ 1EAR,
SWHEDOTOOMRIELIT) 2L DRE LD, BED
LBREELEELCHIT Lo/, #i, F1EED
Al BITES) YAEOATRERA LB W, 20E
HE LT, bako & B ) [REER 0 A THREDER, CRP
OETFTHEFD LN/ &, BAERIHAHEHICHTYS
CHPbEY, VY NEZOLODEEELIC—ER
BRLTVZ I LB ONE, 20k, MbH0Y
4 VARGIEDSE 1 BARRMICHFEL, TERT S
BId 7 { ABRBICHEE L RERGVESS B 2 BT L
TWi-TEEFBEVwEEZLNS, 2720, BlEY ¥8
JEEOBESRESINTWS EB 7 A IVAIKELTI,
%10, %2 EARNEOEBEHAMEISBEREGE S -2 T
HY, %2 EAREICEB Y A VA DNA Bl Sz
rotn. 7z, U v NEEGORERE ORI EBER,
LMP1, EBNA2 Wb BEHETH Y, FEFDY V3
[EFFERSZIC EB 7 4 VADPHEE LW L OFERIZT
Xpdrolz. iz, FRFERELOBEENHEShLTY
B28VET L VA BIO D WT b IgM Hifkz 2 L 7:
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LB TH L. BEY Y MEANRICRFREY &
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F— T MR & B AR BRETERM R O ¥HI 2538 5 L Tw
EOMEIIRINTTICRINTWE. LarL, B
M) VSEL PRCADEHFIIOVWTOREIHTDH
B2z L LCREERY Y EEILROSE &
FREOHERD 2 BN TWwAIE), BERY Y EOBEM
B IgGAHCFUE 2 #16l U 7z 0™, B3 B&HM 2T
CFUE au=—0OREEHHT520WEE2 LN T
W5, RIS, REICIVERY UNEFERETS
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BT o - MBMBREA~ —» —ICBT AREOFHFR
i3, S1EAEBRICDSBEETHE (37 —T
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Abstract

Malignant l'ym'phoma manifested by fever of unexplained origin and pure red cell aplasia in an elderly patient
Voko Hanacka, Hiroshi Yamamoto, Katsuya Tijima, Eijiro Ohga, Koichi Kozaki and Yasuyoshi Ouchi

A 76-year-old woman was admitted to the University of Tokyo Hospital in June 2002 because of fever of unexplained ori-
gin. She had suffered a high grade fever (above 39C) for 2 weeks. Initial evaluation revealed elevated CRP and pancy-
topenia. Bone marrow aspiration (BMA) was performed, and a diagnosis of pure red cell aplasia (PRCA) was made. One
month later, she complained right hypochondrial pain, and aspiration from her enlarged gall bladder was performed. Her fe-
ver and PRCA ameliorated, and she was discharged in August, 2002. Tn April 2003, she was readmitted to our hospital be-
cause of the recurrence of high grade fever, elevation of CRP, and pancytopenia. BMA was performed and revealed diffuse
large B cell lymphoma. In the case of extranodal lymphoma which only presents pyrexia, differentiation with other diseases
is very difficult especially in the elderly. It is necessary to bear in mind the possibility that a hematological malignancy, espe-
cially malignant lymphoma, can be latent in elderly patient with fever of unknown origin.

Key words : Pure red cell aplasia, Fever of unexplained origin, Malignant lymphoma, Elderly
(Jpn ] Geriat 2005 ; 42 : 444—449) »

Department of Geriatric Medicine, the University of Tokyo Hospital



Computerized detection of intracranial aneurysms for three-dimensional
MR angiography: Feature extraction of small protrusions based on
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We have improved a computerized scheme for the detection of intracranial aneurysms for three-
dimensional (3-D) magnetic resonance angiography (MRA) by the use of image features of small
protrusions extracted based on a shape-based difference image (SBDI) technique. Initial candidates
were identified by use of a multiple gray-level thresholding technique in dot enhanced images, and
by finding short branches in skeleton images. Image features related to aneurysms were determined
based on candidate regions segmented by use of a region growing technique. For extracting addi-
tional features on small protrusions or small aneurysms, we have developed an SBDI technique,
which was based on the shape-based difference between an original segmented vessel and a vessel
with suppressed local change in thickness. The SBDI technique was useful for obtaining local
changes in vessel thickness, i.e., SBD regions, which could be small aneurysms in the case of true
positives, but thin or very small regions in the case of false positives. Many false positives were
removed by means of rule-based schemes and linear discriminant analysis on various 3-D localized
image features, including SBDI features. We tested the computerized scheme on 53 cases with 61
aneurysms and 62 nonaneurysm cases based on a leave-one-out-by-patient test method. As a result,
false positives per patient decreased from 5.8 to 3.8, while a high sensitivity of 97% was maintained
by use of the SBDI technique, in which SBDI features were effective for removing some false
positives. The computer-aided diagnostic (CAD) scheme may be robust and useful in assisting
radiologists in the detection of intracranial aneurysms for MRA. © 2006 American Association of
Physicists in Medicine. [DOI: 10.1118/1.2163389]

Key words: shape-based difference image technique, computer-aided diagnosis (CAD), intracranial
aneurysms, magnetic resonance angiography (MRA) :

I. INTRODUCTION

Subarachnoid hemorrhage (SAH) due to ruptures of intrac-
ranial aneurysms kills 10 000 persons each year in North
America.! SAH is a serious disorder with high mortality and
morbidity, accounting for about one-quarter of cerebrovascu-
lar deaths. From 3.6% to 6% of the adult population have
intracranial aneurysms, which may rupture at an annual rate
of 1% to 2%.*> Magnetic resonance angiography (MRA) can
be used to screen noninvasively for intracranial aneurysms in
asymptomatic patients who have a family history of aneu-
rysms or who have polycystic kidneys, coarctation of the

394 Med. Phys. 33 (2), February 2006
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aorta, or collagen vascular disease, putting them at an in-
creased risk for aneurysms. In these patients, it is very im-
portant to detect unruptured aneurysms as early as possible
and to treat or follow up the aneurysms. However, it is dif-
ficult and time consuming for radiologists to detect smail
aneurysms, and it may not be easy to find even medium-
sized aneurysms because of their overlap with adjacent ves-
sels or because of unusual locations in maximum intensity
projection (MIP) images of MRA. For correct and efficient
detection of intracranial aneurysms with MRA, therefore, ra-
diologists would need a number of training sessions.

© 2006 Am. Assoc. Phys. Med. 394
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Since the mid-1980s, a number of researchers have devel-
oped computer-aided diagnostic (CAD) schemes for detec-
tion and classification of various kinds of abnormalities such
as microcalcifications and masses in marnrnograms,4‘5 pul-
monary nodules and diffuse lung diseases in CT,%® and co-
lonic polyps in CT colonography.g’w Besides, the clinical
usefulness of CAD schemes has been studied.” In the detec-
tion of intracranial aneurysms by MRA, CAD schemes
would be useful in assisting radiologists. Therefore, we de-
veloped a computerized scheme for automated detection of
unruptured intracranial aneurysms in MRA based on the use
of a three-dimensional (3-D) selective enhancement filter for
dots (aneurysms).'*'3 Twenty-nine cases with 36 unruptured
aneurysms (diameter: 3—26 mm, mean of 6.6 mm) and 31
nonaneurysm cases were tested. The CAD scheme correctly
detected all of 36 aneurysms with 2.4 false positives per
patient based on a leave-one-out-by-patient test method.
However, for a large database (53 cases with 61 aneurysms
and 62 nonaneurysm cases), the previous scheme'? above
produced 5.8 false positives per patient at a sensitivity of
97%. As a result of investigation on the false positives, we
found that about 65% of the false positives were of the
single-vessel type and the bifurcation type. Therefore, in this
study, we focused on removing these two types of false posi-
tives.

Our purpose of this study was to improve the CAD
scheme for the automated detection of unruptured intracra-
nial aneurysms in MRA by use of image features of small
protrusions extracted based on a shape-based difference im-
age (SBDI) technique. The SBDI technique was based on the
shape-based difference between an original segmented vessel
and a vessel with suppressed local changes in thickness. The
performance of our CAD scheme was evaluated by the use of
115 cases (53 cases with 61 aneurysms and 62 nonaneurysm
cases) based on a free-response receiver operating character-
istic (FROC) curve. For an estimation of the robustness of
our scheme, we tested it for an independent set of 63 cases
(34 cases with 36 aneurysms and 29 nonaneurysm cases)
acquired from a different MRI at a different institution.

il. METHODS AND MATERIALS
A. Overall scheme

Figure 1 shows the overall scheme developed in this
study, where a feature extraction procedure based on the
SBDI technique was incorporated into the previous
scheme. Our approach for the identification of initial can-
didates was based not only on enhancement of aneurysms by
use of a selective enhancement filter for dots (am:urysms),14
but also on finding short branches on parent skeletons in
skeleton images, which can indicate the high likelihoods of
small aneurysms.!? The image features of aneurysm candi-
dates were determined based on candidate regions segmented
by the use of a region growing technique. In addition to these
features, in this study, useful image features related to small
protrusions were extracted from the SBD regions (obtained
by the SBDI technique), which could be small aneurysms for
true positives, but thin or very small regions for false posi-
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I Original MRA images —|

[ Selective enhancement filter* j

Initial identification of candidates based on
dot-enhanced and skeleton images

|

Feature exiraction of candidate regions
segmented by region growing technique

|

Feature extraction of small protrusions
based on SBDI technique

I
FP removal by rule-based schemes and LDA

* Dot-enhancement, line-enhancement, and
plane-enhancement filter

FIG. 1. Overall CAD scheme for detection of intracranial aneurysms at 3-D
MRA.

tives. Finally, false positives were removed by use of rule-
based schemes and linear discriminant analysis (LDA).

B. Initial identification of aneurysm candidates based
on dot-enhanced image and skeleton image

The selective enhancement filters for dots,'* which can
enhance dot-like objects, were applied to isotropic 3-D MRA
images. Figure 2 shows an original MRA image with a large
aneurysm within a search region, and its dot-enhanced im-
age, where the aneurysm was enhanced well. For avoiding
picking up a number of regions irrelevant to vessels, the
search region was determined for identifying initial candi-
dates by dilation of major vessels segmented in an MRA
image.15 The initial candidates were identified with a
multiple-gray-level thresholding technique for finding local
peaks of voxel values in 3-D dot-enhanced images within the
search region, and the candidate regions were segmented by
the use of a region growing technique.12 However, some

(b)

FiG. 2. An illustration of (a) an original MRA image and (b) its correspond-
ing dot-enhanced image, all of which were produced by MIP image process-
ing. Circles indicate a large aneurysm with a diameter of 10.0 mm on the
top of the basilar artery.
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(d)

Fig. 3. Tlustration of four types of aneurysms in original images with seg-
mented regions (white lines) and the corresponding skeleton images. (a)
Large type, (b) short-branch type, (c) bifurcation type, and (d) single-vessel
type.

small aneurysms adjacent to a bending region of a thick ves-
sel were not enhanced well by the dot enhancement filter,
because the bending region was strongly enhanced. In that
case, the bending region was picked up as an “aneurysm”
candidate instead of the true aneurysm. However, we found
that such small aneurysms became a short branch on the
parent vessel in the skeleton image. Therefore, if the short
branch was detected in a spherical area adjacent to the origi-
nal candidate region (e.g., bending region) in a skeleton im-
age, the short branch was considered to be an additional
candidate of the short branch type and was segmented based
on a region-growing technique.

C. Feature exiraction of candidate regions segmented
by a region growing technique

Image features of candidates were determined based on
the regions segmented by use of a region growing technique
in the dot-enhanced images and original images. Our seg-
mentation method was based on finding a large change in
some image features, which implied that the candidate region
merged with its adjacent background or other candidates, as

the candidate region grew.]2 All candidates were classified
into four categories based on the effective diameter and local
structures determined from the skeleton image, i.e., large
type, short-branch type, bifurcation type, and single-vessel
type, as shown in Fig. 3, because the image features of an-
eurysms and false positives in each category differed from
each other. Short-branch-type candidates were segmented
based on region growing in the original image from the short
branch as a seed region. For segmented regions of aneurysm
candidates, gray-level features and morphological features as
shown in Table I were determined in the original images,
dot-enhanced images, line-enhanced images, plane-enhanced
images, distance-transformed images, and skeleton images;
the definitions of image features are described in the Appen-
dix.

For large aneurysm candidates, image features relevant to
the characteristics of large aneurysms were determined, i.e.,
the average voxel value and the standard deviation (SD) of
the voxel value in the core and rind regions of the segmented
candidates in the original images, because the characteristics
of the large aneurysms were different from those of small
aneurysms.12 In addition, specific features for the short-
branch-type candidates were determined, i.e., the protrusion
length and the average distance value in the candidate region
obtained from the distance-transformed image.

D. Shape-based difference image (SBDI) technique

The SBDI technique was developed for the extraction of
Iocal changes in vessel thickness based on distance-
transformed images and skeleton images. The local changes
in the thickness could be caused by aneurysms, stenosis, etc.
The overall algorithm of the SBDI technique is shown in Fig.
4. A vessel with a candidate was segmented within a volume
of interest by use of a segmentation method (e.g., a region
growing technique as used in this study). The SBDI tech-
nique is based on the shape-based difference (SBD region)
between an original segmented vessel and a vessel with sup-
pressed local change in thickness by use of logical Exclusive
OR (XOR) operation. In this study, SBD regions were ex-

TABLE 1. Gray-level features and morphological features used in this study.

Gray level features:
Average voxel value
Standard deviation (SD) of voxel value
Relative contrast to average voxel value

Relative difference is SD of voxel values between inside and outside regions
Relative difference in average voxel values between inside and outside regions

Morphological features:
Effective diameter
Sphericity

Relative SD of the distance between centroid and surface

Maximum and minimum distance between centroid and surface

Difference between maximum and minimum distance betweeen centroid and surface
Maximum or average distance value of distance-transformed image

Relative difference in maximum distance between inside and outside regions

Length of protrusion
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Volume of interest with a candidate |

i

Segmentation of vessel by region
growing technique in the original image

v
Suppression of local change in
vessel thickness

| shape-based ditference by logical XOR |

| SBD region |

Fig. 4. Overall algorithm of a shape-based difference image (SBDI)
technique.

tracted as “small protrusions” or “small aneurysms” from
parent vessels, and SBD image features were calculated.

Figure 5 shows the algorithm for deriving the vessel with
suppressed local changes in thickness. Distance transformed
images were obtained from the segmented vessels, and then
the skeleton images with distance values, i.e., vessel thick-
ness, were determined by logical AND operation between the
skeleton image and the distance-transformed image.'5!’ By
use of a reverse distance transformation of the skeleton im-
age with distance values, the original segmented vessel can
be recovered.'® However, if the local changes in vessel thick-
ness caused by aneurysms are suppressed by smoothing of
the skeleton image with a rind filter, a vessel with suppressed
local changes in thickness was produced instead of the origi-
nal vessel. The rind filter was a hollow-sphere filter with a
one-voxel rind, where the rind region had a value of one and
the inside region had a value of zero. By use of the rind filter,
the voxel value at the center of the sphere was replaced by
the maximum distance value within the rind region. The di-
ameter of the rind filter was determined to be three times
larger than the maximum distance value on the skeleton im-
age within the candidate region.

l Distance transformation |

L Determination of skeleton of vessel '

Logical AND between skeleton image
and distance transformed image

Smoothing skeleton image with
distance value by rind filter

L Reverse distance transformation

Vessel with suppressed local change
in thickness

FiG. 5. Algorithm for deriving the vessel with suppressed local change in
vessel thickness.
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E. Feature extraction of small protrusion based
on SBDI technique

The SBDI technique is used for extracting useful image
features from SBD regions, which could be small aneurysm
regions for true positives, but thin or very small regions for
false positives. The thickness of a vessel with a small aneu-
rysm could be larger in the aneurysm region than in other
regions, and thus an extracted SBD region would be a small
aneurysm region, and the sphericity of the SBD region could
be relatively high. On the other hand, in a vessel without an
aneurysm, which is a false positive in this study, the local
change in vessel thickness would be very small. As a result,
the SBD region could be a thin or very small region, and thus
the sphericities of the SBD regions obtained from the false
positives could be smaller than those of aneurysms. There-
fore, it is possible to remove some false positives among
aneurysm candidates by using image features extracted from
SBD regions. From the SBD regions and original images, we
determined seven image features, ie., effective diameter,
sphericity, relative SD of the distance value between centroid
and surface, maximum and minimum distance value between
centroid and surface, contrast, average voxel value, and SD
of the voxel value, which were used for rule-based schemes
and LDA.

However, because the large type and short branch type of
aneurysms are branches from a parent vessel on the skeleton
image, as shown in Fig. 3, there were small local changes in
the thicknesses of parent vessels. Therefore, we applied the
SBDI technique only to the single-vessel type and bifurca-
tion type.

F. False positive removal based on rule-based
schemes and LDA

For the removal of false positives, all rules used in rule-
based schemes were automatically determined based on im-
age features of all training aneurysms in each category (Fig.
3) by the use of simple thresholdings, such as 5% higher and
5% lower than the maximum and minimum values of each
feature.

The LDA was applied for the further removal of false
positives. The LDA is one of multivariate analysis methods.
The basic idea of the LDA is to discriminate between two
groups based on an output of a linear discriminant function
(LDF) derived from the data of two groups (e.g., Group A
and B), and then to classify unknown data into one of the
two groups. The unknown data is classified by thresholding
the output of the LDF (e.g., if the output was plus, the un-
known data would be determined to belong to a Group A). In
this study, the LDF was derived from four image features
(variables) of all cases except one case, and then all candi-
dates in the case left out was classified with the LDF into
aneurysm-candidate group and false-positive group.

The number of features for the short-branch-type candi-
dates was limited, because the candidate regions were iden-
tified based on short branches in the skeleton images, not on
the dot-enhanced image. Therefore, image features related to
dot-enhanced images were not obtained for short-branch-
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type candidates. Consequently, seven common features for
short-branch-type candidates and for the other candidates can
be used for the LDA. However, an effective image feature
combination was chosen by use of a stepwise selection
method based on Wilks® lambda and the Az value. Wilks’
lambda is defined by the ratio of within-group variance to the
total variance,19 which indicates the degree of discrimination
between true positives and false positives, and Az value is
the area under the receiver operating characteristic (ROC)
curve, which indicates an accuracy for detection of aneu-
rysms. An initial combination of features was obtained in the
stepwise method, and then an effective feature combination
was selected from the initial combination of features based
on the highest Az value. In the stepwise method, each feature
was added or removed one by one by the use of two thresh-
olds on the F value, one for removal and another for addi-
tion, by use of the F value, which is based on Wilks’
lambda.? For this procedure, we employed 29 cases with 36
unruptured aneurysms and 31 nonaneurysm cases used in the
previous study,12 which was a part of Database A described
in the next section. As a result, the final combination con-
sisted of four features, i.e., the average voxel value, the rela-
tive SD of the voxel value, the relative SD of the distance
between the centroid and the surface, and the difference be-
tween the maximum and minimum distance (between the
centroid and the surface).

G. Subjects

We employed two databases obtained from different insti-
tutions, i.e., 53 cases with 61 aneurysms (diameter:
3-26 mm, mean of 6.6 mm) and 62 nonaneurysm cases ob-
tained from a Siemens 1.5 T unit (Database A), and 34 cases
with 36 aneurysms (1-15 mm, mean of 5.2 mm) and 29
nonaneurysm cases from a Toshiba 1.5 T unit (Database B).
All aneurysms were diagnosed by digital subtraction angiog-
raphy, computed tomographic angiography, surgery, or by
MRA that was assessed by two experienced neuroradiolo-
gists.

Database A: MRA axial images with 512X 512 pixels
and a pixel size of 0.391 or 0.410 mm were acquired from
115 patients on a 1.5 T MRI scanner (Magnetom Vision,
Siemens Medical Systems, Erlangen, Germany) by use of a
3-D time-of-flight (3D-TOF) technique in the Department of
Radiology, Kumamoto University. The 3-D MRA images in-
cluded 64, 96, or 128 slices with a slice thickness of 1.0,
0.67, or 0.5 mm, respectively. An isotropic 3-D image was
400X 400 X 128 voxels with a voxel size of 0.5 mm pro-
duced from the original 3-D MRA images by use of linear
interpolation and/or cropping.

Database B: Sixty-three cases were acquired ona 1.5 T
MRI scanner (Excelart, XG SPIN Edition, Toshiba Medical
Systems, Tochigi, Japan) by means of a 3-D-TOF technique
in the Department of Radiology, Kyorin University. Original
3-D MRA images with a pixel size of 0.3906 or 0.4167 mm
and a slice thickness of 1.0 or 1.1 mm were converted into
isotropic 3-D images with 400 X 400X 120-160 voxels and
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F16. 6. An illustration of (a) an original segmented vessel with an aneurysm,
(b) a vessel with a suppressed aneurysm, and (c) a cross section of an SBD
region in coronal (top left), sagittal (top right), and axial (bottom left)
planes.

a voxel size of 0.5 mm by the use of linear interpolation
and/or cropping.

H. Evaluation of the performance

The performance of our CAD scheme was evaluated for
Database A based on a FROC curve, whereas the robusiness
of the scheme was estimated for the independent Database B.
We tested our CAD scheme for the two databases separately
with a leave-one-out-by-patient test method. Because each
database was relatively small, we needed to use as many
cases as possible for the robust training of the CAD scheme.
However, if databases for testing were very large, a half-and-
half split test or n-way cross-validation test would be more
appropriate.

With this test method, all aneurysm candidates except
those from one patient were used for training with two rule-
based schemes and the linear discriminant function, and the
candidates left out were used for testing. This procedure was
repeated for all patients, so that all candidates in each patient
were used once as test candidates. By changing a threshold
value for discriminant scores of the candidates produced
with the linear discriminant function, which was determined
by LDA for distinction between aneurysms and false posi-
tives, we determined the FROC curve of the CAD scheme.
For obtaining the FROC curve, we sequentially applied rule-
based schemes and LDA to all candidates based on the leave-
one-out-by-patient test method.

lll. RESULTS AND DISCUSSION

The effects of the SBDI technique on a true positive and a
false positive, i.e., the vessel with and without an aneurysm,
are shown in Figs. 6 and 7, respectively. By use of the SBDI
technique, the vessel with a suppressed local change in ves-
sel thickness was derived, as shown in Fig. 6(b) from the
original segmented vessels with an aneurysm (bifurcation
type), as shown in Fig. 6(a). Although the thicknesses of
some portions of the vessel changed from the original one, as
shown in Fig. 6(b), an aneurysm was suppressed effectively.
As a result, the SBD region was extracted from the parent
vessel as an aneurysm region, as shown in Fig. 6(c). On the
other hand, for the false positive in Fig. 7, the original vessel
as shown in Fig. 7(a) was similar to the vessel with sup-
pressed local change in vessel thickness as shown in Fig.
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F16. 7. An illustration of (a) an original segmented vessel without an aneu-
rysm (false positive), (b) vessel with suppressed local change in vessel
thickness, and (c) cross section of an SBD region in coronal (top left),
sagittal (top right), and axial (bottom left) planes.

7(b), because the local changes in the vessel thickness with-
out aneurysms were small. Consequently, the difference be-
tween the original and suppressed images, i.e., the SBD re-
gion, was very small, as shown in Fig. 7(c).

Figure 8 shows the relationship between the effective di-
ameter and sphericity of candidates of the single vessel type
for Database A. The sphericities of many false positives were
smaller than those of aneurysms, because only thin rind re-
gions or tiny regions could have remained for the false posi-
tives as SBD regions as shown in Fig. 7(c), whereas small
protrusions with a semispherical shape would have been ex-
tracted for small aneurysms, as shown in Fig. 6(c). Further-
more, the effective diameters of some false positives were
relatively smaller than those of many aneurysms, except one
aneurysm. Therefore, many false positives can be eliminated
by the use of some appropriate rules.

Figure 9 shows the FROC curve for the overall perfor-
mance of our scheme for Database A by the use of LDA with
the leave-one-out-by-patient test method. For producing the
FROC curve with the SBDI technique, we applied our
scheme to the candidates at an operating point without the
SBDI technique, i.c., the sensitivity was 97% with 5.8 false
positives per patient. As a result, our scheme achieved the
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F1G. 8. The relationship between the effective diameter and sphericity of
candidates of a single vessel type for Database A.
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FiG. 9. FROC curve for the overall performance of our scheme for Database
A by use of LDA with the leave-one-out-by-patient test method.

same sensitivity of 97% with 3.8 false positives per patient
for 115 cases. The SBDI technique was applied to only the
bifurcation type and single vessel type of candidates. The
total number of the bifurcation type and single vessel type of
false positives per patient decreased by 53% compared with
the result without the SBDI technique. This result shows that
the SBD image features would be effective for removing the
bifurcation type and single-vessel type of false positives.

To evaluate the robustness of our scheme, we tested our
scheme for an independent different database with different
aneurysm sizes, i.e., Database B acquired from a Toshiba
MRI scanner at Kyorin University. In the leave-one-out-by-
patient method test, all rules for false positive removal were
auntomatically determined from the image features of aneu-
rysms included in Database B, but the other parameters of
the scheme (e.g., the minimum effective diameter for initial
candidates, thickness and diameter of the hollow rind filter)
were the same as used for Database A. The image features on
LDA were the same as used for Database A. As a result, the
best performance of our CAD scheme for Database B indi-
cated a sensitivity of 94% with 2.3 false positives per patient.
This result may show that our scheme would be robust for a
different database acquired by a different MRI scanner at a
different institute if the rules for the CAD system would be
retrained appropriately at each institution. We believe that
most CAD systems would require retraining of rules for the
detection of aneurysms in practical use at each institution,
because the CAD performance varies depending on the im-
age quality of MRA, which could differ by institution and
MRI scanner. However, the method for retraining of the rules
should be relatively simple or be automated, as described in
Sec. Il F. Nevertheless, for a further investigation of the ro-
bustness of our scheme, our CAD scheme needs to be ap-
plied to several independent databases acquired from differ-
ent MRI scanners with different magnitndes of magnetic
field at different institutions.

Undersampling for small aneurysms, i.e., larger slice
thickness compared with small aneurysms, could affect the
CAD performance. However, the slice thickness should be
determined according to the minimum diameter of target an-
eurysms. In a previous study, we focused on aneurysms
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equal to or larger than 3.0 mm, because the possibility of
rupture for aneurysms smaller than 3.0 mm would be uncer-
tain. However, for investigating the potential of our CAD
scheme for very small aneurysms, in this study, we applied it
to Database B, including ten aneurysms equal to or smaller
than 2 mm, where two aneurysms were 1 mm and eight an-
eurysms were 2 mm. For detecting small aneurysms with 1
and 2 mm diameters, the sampling intervals should be
smaller than 0.5 and 1 mm, respectively. However, the origi-
nal slice thickness in the Database B was 1.0 or 1.1 mm,
which was undersampling for such very small aneurysms,
although the voxel size after linear interpolation was
0.5 mm. Nevertheless, the CAD scheme was able to detect
one of two 1 mm aneurysms and seven of eight 2 mm aneu-
rysms, and the sensitivity was 80% for such very small an-
eurysms. We believe that if the original slice thickness was
smaller than 0.5 mm, the performance of our CAD scheme
would be higher. Therefore, this result showed the potential
of our CAD scheme for the detection of very small aneu-
rysms.

In conclusion, we have improved a computerized scheme
for the detection of intracranial aneurysms for 3-D MRA
based on the SBDI technique. While keeping a high sensi-
tivity of 97%, the number of false positives per patient de-
creased by 2.0 (from 5.8 to 3.8) by use of the SBDI tech-
nique. Our scheme may be robust and useful in assisting
radiologists for detecting aneurysms at 3-D MRA for various
aneurysm sizes and image qualities.
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APPENDIX: DEFINITIONS OF IMAGE FEATURES
SHOWN iN TABLE |

The image features shown in Table I are defined in this
appendix.
Gray level features:

(1) Average voxel value: Average voxel value within a seg-
mented region.

(2) Standard deviation (SD) of voxel value: SD of voxel
value within a segmented region.
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(3) Relative contrast to average voxel value: Difference be-
tween maximum and minimum voxel values divided by
average voxel value within a segmented region.

(4) Relative difference in SD of voxel values between can-
didate and outside regions: Difference in SD of voxel
values between candidate and outside regions divided by
the SD within a candidate region. The candidate and
outside regions for each candidate were defined by the
candidate region at a current gray level threshold and the
increased region at the subsequent gray level threshold
in region growing technique, respectively.

(5) Relative difference in average voxel values between
candidate and outside regions: Difference in average
voxel values between candidate and outside regions di-
vided by average voxel value within a candidate region.

Morphological features:

(1) Effective diameter: Diameter of a sphere with the same
volume as that of the candidate.

(2) Sphericity: Fraction of the overlap volume between the
candidate region and the sphere with the same volume as
the candidate volume.

(3) Relative SD of the distance between centroid and sur-
face: SD of Euclidean distance value between centroid
and surface voxels in terms of candidate region divided
by average distance value.

(4) Maximum and minimum distance between centroid and
surface: Maximum and minimum Euclidean distance be-
tween centroid and surface voxels.

(5) Difference between maximum and minimum distance
between centroid and surface: Difference between maxi-
mum and minimum BEuclidean distance between centroid
and surface voxels.

(6) Maximum or average distance value of distance-
transformed image: Maximum or average distance value
of distance-transformed image derived from a seg-
mented region with a candidate in the original image.

(7) Relative difference in maximum distance between can-
didate and outside regions: Difference in maximum dis-
tance value of distance-transformed image between can-
didate and outside regions divided by the maximum
distance within the candidate region.

(8) Length of protrusion: Difference between the short-
branch length in the skeleton image and the radius of a
parent vessel obtained from the distance-transformed
image.
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Intracranial Aneurysms at MR
Angiography: Effect of
Computer-aided Diagnosis on
Radiologists’ Detection
Performance’

PURPOSE: To retrospectively evaluate the effect of computer-aided detection
(CAD) on radiologists’ performance in detection of intracranial aneurysms with
magnetic resonance (MR) angiography.

MATERIALS AND METHODS: The institutional review board approved this study
and did not require patient informed consent. Fifty maximum intensity projection
MR angiograms in 50 patients were used for observer performance study. The group
included 22 patients (age range, 43-86 years; mean, 60.2 years; 6 men and 16
women) with intracranial aneurysms and 28 patients (age range, 32-80 years;
mean, 58.8 years; 10 men and 18 women) without aneurysms. The MR angiograms
were obtained with three-dimensional time-of-flight 1.5-T MR imaging. Fifteen
radiologists, including eight neuroradiologists and seven general radiologists, par-
ticipated in the observer performance test. They interpreted the angiograms first
without and then with the aid of the computer output by using an automated-
computerized scheme. The observers’ performance without and with the computer
output was evaluated with receiver operating characteristic analysis.

RESULTS: For all 15 observers, average area under the receiver operating charac-
teristic curve (A,) value for detection of aneurysms was increased significantly from
0.931 to 0.983 (P = .001) when they used the computer output. A, values for
general radiologists and neuroradiologists increased from 0.894 to 0.983 (P = .022)
and from 0.963 to 0.984 (P = .014), respectively. Improvement in the performance
of general radiologists in terms of the A, value was much greater than that of
neuroradiologists. Performance of general radiologists with CAD (A, = 0.983)
slightly exceeded that of neuroradiologists without CAD (A, = 0.963) (P = .048).

CONCLUSION: CAD improved neuroradiologists’ and general radiologists’ perfor-
mance for detection of intracranial aneurysms with MR angiography; improvement
was greater for general radiologists than it was for neuroradiologists.

© RSNA, 2005

The natural history of unruptured intracranial aneurysms is not completely understood.
Findings at autopsy and angiographic studies showed that between 3.6% and 6% of the
general population harbor an unruptured intracranial aneurysm (1). The analytic results of
the International Study of Unruptured Intracranial Aneurysms indicated that the risk of
rupture is related to the site and size of an aneurysm and to a history of subarachnoid
hemorrhage (2). With regard to treatment for unruptured intracranial aneurysms, benefits
of surgical treatment or of endovascular intervention have been suggested in some studies
(3,4). Recently, the investigators of the International Study of Unruptured Infracranial
Aneurysms proposed that the specific risks related to the natural history of intracranial
aneurysms should be considered in the treatment of each patient (5).
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Magnetic resonance (MR) angiography
is a widely available and noninvasive im-
aging modality that has high sensitivity
for the detection of intracranial aneu-
rysms. The accuracy of MR angiography
in the detection of intracranial aneu-
rysms is about 90% (6). The sensitivity of
MR angiography was greater for detec-
tion of aneurysms larger than 3 mm than
it was for detection of aneurysms that
were 3 mm or smaller, that is, 94% versus
38% (6).

During the past 10 years, screening of
unruptured intracranial aneurysms with
MR angiography has gained attention, for
example, for examining asymptomatic pa-
tients who are at risk of having an aneu-
rysm because of a strong family history of
aneurysmal subarachnoid hemorrhage or
because of autosomal dominant polycystic
kidney disease (7-9). Although screening
of asymptomatic individuals without such
risk factors is still controversial, MR angiog-
raphy is used for screening of unruptured
aneurysms in the general population in Ja-
pan (10).

To date, MR angiography is widely ac-
cepted in screening for infracranial aneu-
rysms, and the demand is increasing. In
screening for unruptured intracranial aneu-
rysms with MR angiography, however, radi-
ologists need to analyze large amounts of
data that include multiple image projections
per examination and source images obtained
with MR angiography. It is time consuming
and somefimes difficult for radiologists to
find small aneurysms, or it may not be easy

- to detect medium aneurysms on maximum

intensity projection (MIP) images, because of
overlap with adjacent vessels and because of
unusual locations (11,12). Thus, there is al-
ways the risk of missing an aneurysm. There
are some methods that help avoid missing
an intracranial aneurysm, such as the use of
independent readings by two or more radi-
ologists (11). Independent readings by two
or more radiologists, however, increase the
workload of radiologists in a routine clinical
practice.

In regard to other organs, the concept of
computer-aided detection (CAD) for screen-
ing of breast cancer with mammography
and for screening of lung cancer with chest
radiography and/or computed tomography
(CT) has been applied, and the usefulness of
CAD systems for the detection of cancers has
been reported (13-17). To our knowledge,
however, a CAD scheme has not been ap-
plied to the detection of intracranial aneu-
rysms with MR angiography. We have been
developing a CAD system for detection of
intracranial aneurysms in screening with MR
angiography (18). The purpose of our study,
therefore, was to retrospectively evaluate the
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effect of CAD on radiologists’ performance
in the detection of intracranjal aneurysms
with MR angiography.

MATERJALS AND METHODS

Patient Selection

One neuroradiologist (T.H.) retrospec-
tively selected 60 consecutive patients
with unruptured intracranial aneurysms
who underwent MR angiography at the
Kumamoto University Hospital, Kum-
amoto, Japan, to evaluate possible intra-
cranial vascular lesions between October
1999 and August 2003. The patients’ data
were derived from the MR imaging data-

_base of our institution. From the same

database, 60 age-matched patients with-
out intracranial aneurysms were also re-
cruited by the same neuroradiologist. MR
angiograms obtained in the 120 patients
were reviewed in consensus by two expe-
rienced neuroradiologists (T.H. and Y.X,,
with 16 and 24 years of experience, re-
spectively) who did not participate in the
observer performance study. Qur institu-
tional review board approved this study
and did not require patient informed
consent.

MR Imaging

All MR imaging examinations were per-
formed with a 1.5-T imager (Magnetom
Vision; Siemens Medical Systems, Erlan-
gen, Germany) by using a circular polar-
ized head coil. Three-dimensional time-of-
flight MR angiograms were obtained with
the following parameters: 32/6 (repetition
time msec/echo time msec), one signal ac-
quired, 20° flip angle, 64-mm slab thick-
ness, 64 partitions, 20-cm field of view, and
256 X 512 matrix. The acquisiion data
were converted into a 512 X 512 matrix,
with a pixel size of 0.39 X 0.39 mm, by
using an interpolation technique. Tilted
optimized nonsaturating excitation and
magnetization transfer pulses were applied
for enhancement of the signals of blood
flow. The slabs were placed to include the
structures from the intracranial vertebral
artery to the A2 branch of the anterior ce-
rebral artery. Saturation pulses were ap-
plied cephalad so that venous blood sig-
nals were eliminated.

Selection for Observer Performance
Study

Twenty-two of the 60 patients with un-
ruptured intracranjal aneurysms were
further selected for an observer perfor-
mance study by the same two neuroradi-
ologists who performed the patient selec-

tion. The inclusion criteria for the patient
selection were as follows: (@) patients
with only one aneurysm were chosen,
(b) location and size of the aneurysm
were similar to the distributions in a clin-
ical environment, and (¢) high-quality
MR angiograms were available for inter-
pretation. There were six men and 16
women, with an age range of 43-86 years
(mean age, 60.2 years). The locations and
sizes of the aneurysms are listed in Table
1. The sizes of the aneurysm ranged from
3 to 26 mm in maximum diameter
(mean, 7.1 mm). According to the maxi-
mum diameter, the aneurysms were clas-
sified into three groups: eight small (<5
mm), 11 medium (5-12 mm), and three
large (>12 mm). The aneurysms were lo-
cated at the internal carotid artery (n =
10), middle cerebral artery (n = 4), ante-
rior cerebral artery (n = 3), basilar artery
(n = 3), posterior cerebral artery (n = 1),
and vertebral artery (n = 1). The 22 le-
sions included 20 saccular aneurysms
and two fusiform aneurysms. The diag-
nosis was proved at CT angiography (n =
12) and conventional digital subtraction
angiography (n = 3); the remaining
seven aneurysms were confirmed with
consensus reading of MR angiograms by
the same two experienced neuroradiolo-
gists mentioned before. Source images
obtained with MR angiography were also
used for the confirmation. Eight of the 22
patients had old brain infarctions; intra-
cranial steno-occlusive disease was
present in two patients. An azygous an-
terior cerebral artery was seen in one pa-
tient with a distal anterior cerebral artery
aneurysm. Meningioma and pituitary
microadenoma were seen on conven-
tional MR images in one case each. These
additional lesions did not affect the in-
terpretation of MR angiograms.

Twenty-eight of the 60 patients with-
out intracranial aneurysms were further
selected by the same two neuroradiolo-
gists as a control group for the observer
study, and the age information was sim-
ilar to that of the group with aneurysms.
The diagnosis of no intracranial aneu-
rysms was proved with consensus read-
ing of MR angiograms by the two experi-
enced neuroradiologists; source images
obtained with MR angiography were also
used for the diagnosis. There were 10
men and 18 women, with an age range of
32-80 years (mean age, 58.8 years). Four
of the 28 patients had old brain infarc-
tions that did not affect the image inter-
pretation. There were no other apparent
brain lesions on MR images in this con-
trol group.
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TABLE 1
Location and Size of Aneurysms
Size
Total No.
Location Smali Medium Large of Patients

Internal carotid artery, top portion 0 1 0 1
Internal carotid and anterior choroidal

arteries 1 0 0 1
Internal carotid and posterior

communicating arteries 1 0 0 1
Internal carotid artery, first part of

cisternal segment and carotid knee

segment 1 1 0 2
Internal carotid and ophthalmic arteries 1 0 0 1
Internal carotid artery, carotid knee

segment 1 0 0 1
Internal carotid artery, cavernous segment 0 1* 2 3
Middle cerebral artery, sphenoidal and

insular segments 2 1 1 4
Anterior communicating artery 0 2 0 2
Anterior cerebral artery, distal portion 4] 1 0 1
Posterior cerebral artery, distal portion 0 1 0 1
Basilar artery, top portion ) 0 1 0 1
Basilar and anterior inferior cerebellar

arteries 0 1 0 1
Basilar artery 1 0 0 1
Vertebral artery 0 1* 0 1

Total 8 11 3 22
* Fusiform aneurysm.

Computerized Scheme for
Automated Detection of
Intracranial Aneurysms

Details of the CAD scheme used in this
study are shown elsewhere (18). First, the
isotropic images from three-dimensional
MR angiography were processed by using
three selective filters for enhancement of
aneurysms, vessels, and vessel walls. The
initial candidates were identified by us-
ing a multiple gray-level threshold tech-
nique on the three-dimensional dot-en-
hanced images within the search area,
which was determined with dilatation of
major vessels, because most aneurysms
appear in specific vessels. Candidate re-
gions were segmented by using a region-
growing technique with monitoring of
some image features. In the next step, all
candidates were classified into four types
according to the size of the aneurysms
and the local structures involved. In each
group, a number of nonaneurysms were
removed by using rules that were based
on localized image features related to
gray levels and morphologic characteris-
tics. Finally, linear discriminant analysis
was employed for further removal of
some false-positive findings. Our scheme
achieved a sensitivity of 100% (36 of 36),
with 0.55 false-positive finding per pa-
tient in a consistency test (18).

Volume 237 - Number 2

Observer Performance Study

A total of 15 observers, including eight
board-certified radiologists who spedialized
in neuroradiology (neuroradiologists) M.K.,
M.Y.) and seven board-certified radiologists
who did not specialize in neuroradiology
(general radiologists), took part in the ob-
server performarice study. All observers were
blinded to the results of the diagnosis ob-
tained from the consensus of the two expe-
rienced neurcradiologists (T.H., Y.K.). The
neuroradiologists had 8-17 years of experi-
ence (mean, 13.0 years), and the general ra-
diologists had 7-20 years of experience
(mean, 13.3 years). The sequential test
method (19) was used in the observer perfor-
mance study. Each observer read the MR an-
giograms displayed on a monitor first with-
out the computer output and rated his or her
confidence level in determining the presence
or absence of an aneurysm. Next, the com-
puter output, marked by circles that indi-
cated potential aneurysms, was superim-
posed on the MR angiograms. The observer
then viewed the image with the computer
output and rated it again. An interface pro-
gram was created for an image display with-
out and with the computer output for the
observer performance test. The 15 observers
viewed the MIP MR angiograms displayed
on a gray-scale monitor (Precision 650; Dell,
Round Rock, Tex) with a spatial resolution of
1600 X 1200. The monitor screen was di-

TABLE 2
A, Values for Radiologists in
Detection of Intracranial Aneurysms
Without With
Observers CAD CAD
Neuroradiologists
1 0.939 0.964
2 0.986 0.994
3 0.989 0.998
4 0.969 0.970
5 0.969 0.984
6 0.952 0.993
7 0.942 1.000
8 0.958 0.967
Mean 0.963 0.984
General radiologists
9 0.916 0.961
10 0.909 0.984
1 0.871 0.978
12 0.909 0.989
13 0.871 0.989
14 0.872 0.984
15 0.910 0.993
Mean 0.894 0.983
Overail 0.931 0.983

vided into two areas: one area in which MR
angiograms were displayed in z-axis, x-axis,
and y-axis rotations and another area in
which observers indicated their confidence
levels in the observer performance study. On
the monitor, observers could see 19 MIP MR
angiograms ranging from —90° to +90° (10°
intervals) in the z-axis rotation and five MIP
MR angiograms ranging from —20° to +20°
(10° intervals) in the x-axis and y-axis rota-
tions. The observers were allowed to select
the direction of the MR angiograms and the
magnification of the images on the monitor.
They were also permitted to use the cine
mode for displaying the images.

Images in all of the 50 patients (22
with aneurysms and 28 without aneu-
rysms) selected for the observer perfor-
mance study were presented in the same
randomized order to the observers. The
observers were provided with the follow-
ing information before the observer per-
formance test: (#) the sequential test
method that was used, (b) there was only
one aneurysm in each patient, and () the
type of aneurysm was either saccular or
fusiform. The observers were blinded to
the number of patients with aneurysms
and the performance level of the CAD
scheme. There was no limit on the read-
ing time.

Before the observer performance test,
each observer underwent a training ses-
sion with four training cases to become
familiar with the computer output and
the test procedure. The four training
cases were not included with the images
from the 50 selected patients used in the.
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observer performance study. Each ob-
server used a continuous rating scale of a
line-marking method to rate his or her
confidence level on the monitor. At the
left end of the line, a confidence level
that an aneurysm was definitely absent
was indicated, whereas at the right end, a
confidence level that an aneurysm was
definitely present was indicated. Inter-
mediate levels of confidence were indi-
cated by the different positions on the
line between the two ends, and positions
close to the right and left ends indicated,
respectively, greater and lesser degrees of
confidence in regard to the presence of
an aneurysm. The distance between the
left end and the marked point was auto-
matically determined in the computer
and was converted to a confidence level
that could range from 0 to 100.

To investigate the effect of CAD fur-
ther, we also determined the difference
between the confidence levels without
and with the computer output. We as-
sumed that a clinically relevant change
in confidence levels occurred only when
the difference was greater than 20 units
on a 0-100 confidence rating scale. A
shift of more than 20 units in the direc-
tion toward a correct diagnosis implied
that the use of the CAD was beneficial.
Similarly, a shift of more than 20 units in
the direction toward an incorrect diagno-
sis implied that the use of CAD was det-
rimental. The number of cases with ben-
eficial effects and the number of those
with detrimental effects, according to
each observer, were assessed.

Statistical Analysis

Observer performance was evaluated
by using receiver operating characteristic
analysis with the LABROC program, ac-
cording to Metz et al (20). The receiver
operating characteristic curves for each
observer without and with the computer
output indicated the true-positive frac-
tion to the false-positive fraction at each
confidence level. The area under the re-
ceiver operating characteristic curve (4,)
was used for comparing the observers’
performance in the detection of intracra-
nial aneurysms.

To investigate the effect of CAD for
all observers, the significance of the dif-
ference between the A, values obtained
without and with CAD was evaluated
by using the Wilcoxon matched-pairs
signed rank test. To investigate the ef-
fect of CAD for each radiologist group,
the significance of the difference in A,
values between neuroradiologists and
general radiologists was evaluated with
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Figure 1. Graph shows average receiver oper-
ating characteristic curves for all observers in
the detection of intracranial aneurysms with-
out and with CAD output. The average A,
value in the detection of aneurysms was signif-
icantly improved from 0.931 to 0.983 when
observers used the computer output (P = .001).

a Mann-Whitney U test. In addition,
the difference between the average
numbers of cases affected beneficially
and detrimentally because of CAD was
analyzed by wusing the Wilcoxon
matched-pairs signed rank test. In all
the analyses, a P value of less than .05
was considered to indicate a significant
difference.

RESULTS

Observer Performance

For all observers, the mean A, values
(Fig 1, Table 2) obtained without and
with CAD were 0.931 * 0.04 (standard
deviation) and 0.983 * 0.01, respec-
tively, which indicated a significant dif-
ference (P = .001). In the neuroradiolo-
gist group (Fig 2), the mean A, values
obtained without and with CAD were
0.963 = 0.02 and 0.984 = 0.01, respec-
tively, which indicated a significant dif-
ference (P = .014). In the general radiol-
ogist group (Fig 3), the mean A, values
obtained without and with CAD were
0.894 % 0.02 and 0.983 = 0.01, respec-
tively, which indicated a significant dif-
ference (P = .022). There was a significant
difference in the mean A, values ob-
tained without CAD between the two
groups of radiologists (P = .001). There
was no significant difference, however,
in the mean A, values obtained with CAD
between the two groups of radiologists
(P = .522). The performance of general
radiologists (A, = 0.983) with CAD
slightly exceeded that of neuroradiolo-
gists (A, = 0.963) without CAD. There
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Figure 2. Graph shows average receiver oper-
ating characteristic curves for eight neuroradi-
ologists in the detection of intracranial aneu-
rysms. The average A, value in detection of
aneurysms was improved significantly from
0.963 to 0.984 when they used the computer
output (P = .014).

1.0 T T

0.8 General Radiologists with CAD
Az =0.983
0.6 General Radiologists without CAB;
Az =0.894

True Positive Fraction

04§ -
0.2F =

i P=0.022
0.0 L 1 |

0.0 0.2 04 0.6 0.8 1.0

False Positive Fraction

Figure 3. Graph shows average receiver oper-
ating characteristic curves for seven general
radiologists in the detection of intracranial an-
eurysms. The average A, value in detection of
aneurysms was improved significantly from
0.894 to 0.983 when they used the computer
output (P = .022).

was a significant difference in the mean
A, values between the general radiologist
group with CAD and the neuroradiolo-
gist group without CAD (P = .048).

Confidence Ratings

The results of a clinically relevant
change in confidence ratings for each ob-
server (Figs 4, 5) showed that among the
22 patients with aneurysms, the average
number of cases affected beneficially was
2.3 (10%). There were no cases of patients
with an aneurysm that were affected det-
rimentally. Among the 28 patients with-
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Figure 4. Graph shows number of cases
(>20%) affected by the CAD output in confi-
dence level with regard to patients with aneu-
rysms. There were no cases affected detrimen-
tally. The numbers I-8 on x-axis represent the
eight neuroradiologists and 9-15 represent the
seven general radiologists.
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Figure 5. Graph shows number of cases
(>20%) affected by CAD output in confidence
level with regard to patients without aneu-
rysms. The numbers 1-8 on x-axis represent
the eight neuroradiologists, and 9-15 repre-

sent the seven general radiologists.

out aneurysms, the average number of
cases that were affected beneficially was
significantly larger than that of cases that
were affected detrimentally (mean num-
ber of cases, 2.3 [8%] vs 0.3 [1%}; P =
.02).

In beneficially affected cases in pa-
tients with aneurysms, small aneurysms
at the internal carotid artery were fre-
quently affected in both the neuroradi-
ologist and general radiologist groups
(Table 3). The general radiologists were
more likely to be affected with small an-
eurysms at the middle cerebral artery,
medium aneurysms at an unusual loca-
tion such as the distal anterior and pos-
terior cerebral arteries, medium fusiform
aneurysms at the vertebral artery, and
large aneurysms at the internal carotid
artery. Large aneurysms at the internal
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TABLE 3
Summary of Aneurysms Affected Beneficially by CAD
Observers and Location Size (mm) No. of Cases
Neuroradiologists
Internal carotid and anterior choroidal arteries 3 2
Internal carotid and posterior communicating arteries 4 1
General radiologists
Internal carotid and anterior choroidal arteries 3 5
Internal carotid artery, carotid knee segment 3 1
Middle cerebral artery, sphenoidal and insular segments 4 9
Internal carotid and ophthalmic arteries 4 2
Internal carotid and posterior communicating arteries 4 1
Basilar artery 4 1
Internal carotid artery, top portion 5 2
Internal carotid artery, first part of cisternal segment and
carotid knee segment 5 1
Anterior communicating artery 5 1
Posterior cerebral artery, distal portion 5 1
Anterior cerebral artery, distal portion 6 1
Vertebral artery* 6 3
{nternal carotid artery, cavernous segment 16 3

* Fusiform aneurysms.

carotid artery were missed in the first rat-
ing by three general radiologists because
the signal intensity of the large aneurysm
was relatively low as a result of turbulent
flow within the aneurysm. In the five
detrimentally affected cases in patients
without aneurysms, the detrimental ef-
fects in both groups were caused by an
increase in the confidence level in favor
of the presence of an aneurysm.

DISCUSSION

We analyzed A, values separately for neu-
roradiologists and general radiologists to
determine whether the effect of CAD on
observer performance was dependent on
clinical experience. The results indicated
that the use of computer output was
more beneficial to general radiologists
than it was to neuroradiologists; the A,
values for general radiologists with CAD
were almost equal to those for neurora-
diologists. In addition, it is important to
note that the effect of using the com-
puter output was also beneficial for neu-
roradiologists.

The knowledge required for detection
of intracranial aneurysms with MR an-
giography includes the anatomy of the
intracranial vessels, common locations of
intracranial aneurysms, etiology and
classification of the aneurysms, diagnos-
tic accuracy of MR angiography for intra-
cranial aneurysms, and artifacts and pit-
falls for MR angiography. All of the gen-
eral radiologists who took part in the
observer study had limited experience, of
1 year or less, in neuroradiology, and
were considered to be unfamiliar with

findings of intracranial aneurysms. This
factor presumably accounts for the find-
ing that general radiologists benefited
much more from the use of CAD. In
other words, the radiologist’s perfor-
mance in detection of intracranial aneu-
rysms probably depends on his or her
experience and knowledge as a neurora-
diologist. The fact that the effect of using
CAD for neuroradiologists was also ben-
eficial, however, may indicate that the
use of CAD can improve radiologists’ de-
tection performance irrespective of their
knowledge and experience.

In our study, 10% of cases in patients
with aneurysms were affected benefi-
cially by the computer output. This result
was caused by an increase in the ob-
server’s confidence in diagnosing the
presence of aneurysms in cases in pa-
tients with aneurysms that were detected
with the use of CAD. It is sometimes dif-
ficult for radiologists to find small aneu-
rysms, or it may not be easy to detect
medium aneurysms on MIP images be-
cause of overlap with adjacent vessels
and because of unusual locations (11,12).
Our results without use of CAD showed a
similar tendency for the false-negative
findings with MIP MR angiograms. We
also found that large aneurysms might be
missed by general radiologists. Because
general radiologists are not familiar with
the unusual signal intensity of large an-
eurysms on MR angiograms, they might
have missed these aneurysms.

Our observer performance test results
indicated that the use of CAD was clearly
beneficial, even in cases in patients with-
out aneurysms. About 8% of cases in pa-
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tients without aneurysms were affected
beneficially because of the increase in the
observer’s confidence in diagnosing the
absence of aneurysms in cases in patients
without aneurysms. On the other hand,
only 1% of cases in patients without an-
eurysms were affected detrimentally be-
cause of an increase in the confidence
level in favor of the presence of an aneu-
rysm. The detrimental effects were signif-
icantly smaller than were the beneficial
effects. Unruptured intracranial aneu-
rysms are being diagnosed with greater
frequency as imaging technologies im-
prove. Since the workload of radiologists
will increase in the near future, the use of
CAD may be necessary to increase true-
positive findings and decrease false-posi-
tive findings as interpreted by radiolo-
gists.

Our study had limitations. First, source
images obtained with MR angiography
were not included in this observer perfor-
mance study. It is likely that source im-
ages obtained with MR angiography
would have been helpful in the detection
of aneurysms. Reading source images ob-
tained with MR angiography, however,
may be time consuming for radiologists,
especially for general radiologists. Be-
cause the fatigue in reading many images
for observer performance testing may af-
fect the results, we used only MIP images
obtained with MR angiography in this
study. We provided multiple views of
MIP images to observers. Therefore, we
believe that this observer performance
test was adequate for assessment of ob-
server performance in the detection of
aneurysms. Second, this study might
have had a bias in patient selection. We
selected 22 patients with aneurysms and
28 control patients. The aneurysms were
of various sizes, but most were small or
medium, and nearly half were small. In
addition, some aneurysms were located
at unusual sites. Patients with steno-oc-
clusive disease were also included to sim-
ulate patients in our routine practice.
Thus, we believe that the patients we se-
lected reflected patients seen in routine
clinical practice. Third, there was a differ-
ence between the observer performance
study and a clinical environment. We
provided observers with the information
in regard to the number of aneurysms in
patients with aneurysms. Provision of
such information may have affected ob-
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server performance. Although readers
considered that multiple aneurysms may
have existed on a given image, they indi-
cated one aneurysm with confidence, be-
cause they knew that only one aneurysm
was present in a patient with an aneu-
rysm in the observer performance study.
Thus, potential false-positive reports might
have been artificially excluded.

In conclusion, the use of our CAD sys-
tem helped to improve both neuroradiolo-
gists’ and general radiologists’ performance
in the detection of intracranial aneurysms
with MR angiography, and this improve-
ment was more marked for general radiol-
ogists than it was for neuroradiologists.
Further investigations about the usefulness
of the CAD scheme, as applied to various
MR angiograms with various MR imaging
units, are needed for application in routine
clinical practice.
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Postoperative Assessment of
Extracranial-Intracranial Bypass by Time-
Resolved 3D Contrast-Enhanced MR
Angiography Using Parallel Imaging

Kazuhiro Tsuchiya, Keita Honya, Akira Fujikawa, Hidekatsu Tateishi, and Yoshiaki Shiokawa

PURPOSE: Our goals were to assess image quality of time-resolved contrast-enhanced MR
angiography (CE MRA), by using 3D data acquisition along with a parallel imaging technique
that can improve temporal resolution and to compare this technique with 3D-time-of-flight
(TOF) MRA in the postoperative assessment of extracranial (EC)—intracranial (IC) bypass
surgery.

METHODS: On a 1.5T imaging system, we performed CE MRA by using a 3D fast field-echo
sequence in combination with a parallel imaging technique, to obtain images in the coronal
plane centered at the postoperative site. Our patient group comprised 17 patients, including 13
after superficial temporal artery-middle cerebral artery (MCA) anastomosis, 3 after external
carotid artery-MCA anastomosis, and one after extracranial vertebral artery-posterior cerebral
artery anastomosis. Visualization of the anastomosis and the distal flow on the CE-MRA images
was assessed comparatively with that on 3D-TOF MR angiograms obtained at the same time.
In 6 patients, we also compared the efficiency of visualization on CE-MRA images with that on
conventional angiograms.

RESULTS: A temporal resolution of 0.8 s/frame could be achieved with the technique
employed. The bypass was better demonstrated postoperatively on CE-MRA images than on
3D-TOF MR angiograms in 13 patients (76%), whereas the 2 methods were equivalent in 4
patients (24%). Good correspondence of results was observed in the 6 patients for whom CE

MRA and conventional digital subtraction angiography (DSA) images were compared.
CONCLUSION: CE MRA by using the parallel imaging technique can increase image

acqnisition speed with sufficient image quality. This technique is at least equivalent to 3D-TOF

MRA to evaluaie the postoperative status of EC-IC bypass. ‘

Extracranial-intracranial (EC-IC) bypass surgery has
been used to increase the cerebral blood flow and halt
extension of the affected area or reduce the risk of
future strokes in patients with ischemic cerebrovascu-
lar disease (1-3). Furthermore, several kinds of by-
pass surgery are performed in patients with cerebral
aneurysm, in which the parent artery often has to be
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sacrificed. In these cases, conventional angiography
has been used as the most reliable method to assess
the patency of the EC-IC anastomosis postopera-
tively. Recently, however, several other modalities—
including MR angiography (MRA), sonography, and
CT angiography— have also been reported to be use-
ful for such assessment (4-7).

Time-resolved contrast-enhanced (CE) MRA, in
which a rapid T1-weighted sequence is performed in
combination with bolus intravenous injection of a
gadolinium-based contrast agent, provides useful an-
atomic and hemodynamic information concerning in-
tracranial vascular lesions. To generate “time-re-
solved” images, 2D sequences were previously used
(8-14). More recently, however, a technique using an
effective k-space sampling technique that provides
good temporal resolution even with 3D data acquisi-
tion has been reported (15). Multiple arrays of re-
ceiver coils are used in the parallel imaging tech-



